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Abstract

In this paper we make use of the first and second waves of the 2008 and 1998 cohorts of the
Growing Up in lIreland study, to develop a multidimensional and dynamic approach to
understanding the impact on families and children in Ireland of the Great Recession. Economic
vulnerability is operationalised as involving a distinctive risk profile in relation to relative income,
household joblessness and economic stress. We find that the recession was associated with a
significant increase in levels of economic vulnerability and changing risk profiles involving a more
prominent role for economic stress for both the 2008 and 1998 cohorts. The factors affecting
vulnerability outcomes were broadly similar for both cohorts. Persistent economic vulnerability
was significantly associated with lone parenthood, particularly for those with more than one
child, lower levels of primary care giver (PCG) education and, to a lesser extent, younger age of
PCG at child’s birth, number of children and a parent leaving or dying. Similar factors were
associated with transient vulnerability in the first wave but the magnitude of the effects was
significantly weaker particularly in relation to lone parenthood and level of education of the PCG.
For entry into vulnerability the impact of these factors was again substantially weaker than for
persistent and transient vulnerability indicating a significantly greater degree of socioeconomic
heterogeneity among the group that became vulnerable during the recession. The findings raise
policy and political problems that go beyond those associated with catering for groups that have
tended to be characterized by high dependence on social welfare.

Keywords: Economic vulnerability, life course, social class, economic class

230



Dorothy Watson, Christopher Whelan, Bertrand Maitre, James Williams

Family economic vulnerability...

Introduction

Ireland has seen quite remarkable
macroeconomic fluctuations over the past two
decades, with the fastest economic growth rate
among the countries of the Organisation for
Economic Co-operation and Development (OECD)
during the so-called ‘Celtic Tiger’ boom being
followed by a recession which had a more negative
impact on national output in Ireland than in any
other OECD country. The decade of exceptionally
rapid growth from the mid-1990s saw the numbers
employed expand dramatically and unemployment
reduced to 4%, but was characterized by an
unsustainable credit-fuelled expansion in the
construction sector and an unprecedented property
price boom. From 2008 onwards, the country faced
the bursting of the property bubble, a collapse of
property-related tax revenues, falling asset values, a
major banking crisis and a ballooning fiscal deficit.
This toxic combination meant that by late 2010,
despite substantial increases in taxation and
expenditure cuts, the Irish government had to avail
itself of a ‘bail-out’ from the Troika (Whelan, 2010).
The impact of the recession involved a decline of
13% in GDP between 2008 and 2011 and a rise in
unemployment from 4% to 14% between 2007 and
2011 (Callan, Nolan, Keane, Savage & Walsh, 2013).
In the context of a sharp decline in real household
incomes and associated poverty thresholds, at-risk
of poverty rates based on 60% of median income
remained relatively stable over time. However,
sharp increases were observed in levels of material
deprivation and economic stress. Throughout the
period 2004-2011 at-risk of poverty rates based on
60% of median income and material deprivation
rates were significantly higher for children than for
the remainder of the population. Both rates were
higher than for most of the EU15 countries
(Watson, Maitre & Whelan, 2012).*

The research reported in this paper draws on
data from the Growing Up in Ireland (GUI) Survey
that were collected between 2007 and 2011. Data
for two cohorts of children are used, one born in
1998 (the 1998 cohort) and one born in 2008 (the
2008 cohort). The availability of data for two waves
for each cohort allows us to compare the pre and
post-recession situations of families with infant
children (age nine months and three years) and
children in middle childhood (age nine and 13
years). Our analysis takes advantage of the
longitudinal nature of the GUI survey and adopts a
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multidimensional perspective. It has been well-
established, for instance, that the groups identified
on the basis of low income alone differ from those
found to experience multiple deprivation in terms
of factors such as employment status, stage of the
life course, housing tenure and urban-rural location
(Nolan & Whelan, 1996). Thus, in line with emerging
trends on the literature, our approach is both
multidimensional and dynamic (Nolan & Whelan,
2007, 2010). A great deal of debate has taken place
regarding the range of dimensions which should be
incorporated in measures of childhood poverty or
deprivation (Tomlinson, Walker & Williams, 2009).
A crucial factor here is the position one adopts
regarding the relative importance of description
versus identifying causal processes. Here, rather
than attempting to capture the full range of
deprivations experienced by children, we focus on a
multidimensional but restricted conception of
economic vulnerability based on low income,
household joblessness and subjective economic
stress. We then proceed to explore the socio-
economic factors which contribute to changing
patterns of exposure to such vulnerability and their
consequences. This broader measure of economic
vulnerability offers a number of advantages as an
indicator of longer term command over resources
(Whelan & Maitre, 2005).

Our research is intended to provide a
contribution to the literature on the socioeconomic
distribution of childhood poverty and its
consequences. A good deal of the evidence relating
to the extent and consequences of persistent
poverty in childhood is drawn from the United
States where welfare structures and child supports
are distinctive (Duncan, Magnuson, Kalil & Ziol-
Guest, 2012). However, as Mood and Jonsson
(2014) note, increasing interest in child poverty and
deprivation is related to United Nations’ (UN)
demands that, having ratified the Child Convention,
countries monitor trends in the living conditions of
children. This, as they note, has led to the
development of a range of relevant welfare indices
with material living conditions featuring as a central
indicator of children’s well-being (Bradshaw,
Hoelscher & Richardson, 2006; Bradshaw &
Richardson, 2009; UNICEF, 2007).

The Growing Up in Ireland (GUI) data
The GUI survey is a national longitudinal study of
children. It tracks the development and wellbeing of



Dorothy Watson, Christopher Whelan, Bertrand Maitre, James Williams

Family economic vulnerability...

two nationally representative cohorts of children:
the 1998 cohort and the 2008 cohort. The samples
were strict probability samples. The 1998 cohort of
children was selected following clustering at the
level of the school, while the 2008 cohort was a
random sample selected from the Child Benefit
records with the assistance of the Department of
Social Protection. Interviews were conducted via
Computer-Assisted Personal Interview (CAPI) with
the primary care-giver (PCG, usually the mother),
the resident secondary care-giver (SCG, usually the
father), the teachers of the 1998 cohort of children
at wave one and with the 1998 cohort children
themselves. In the present analysis we rely on data
provided by the PCG.

In this paper, data from the first two waves of
both cohorts are used, when the children in the
2008 Cohort were nine months and subsequently
three years old and those in the 1998 Cohort were
nine and subsequently 13 years of age. The samples
in the study were reweighted or statistically
adjusted to ensure that they were nationally
representative of the age groups in question, both
cross-sectionally and Iongitudinally.2 The present
analysis includes the 9,793 families who responded
in both waves of the 2008 cohort and the 7,423
families who responded in both waves for the 1998
cohort. The large sample sizes, the probability
samples and the calibration to ensure
representativeness mean that the results can be
generalised to the population of children in both
cohorts.

The timing of the GUI surveys in relation to the
onset of ‘The Great Recession’ is important. The
first wave of the 1998 cohort was conducted with
the families of the nine-year olds between August
2007 and June 2008, slightly before the major
shocks of the recession later that year. The second
wave, when the children were aged 13, took place
between August 2011 and March 2012. This
corresponded to the deepest point of the recession,
before any growth in employment was evident. The
first wave of the 2008 cohort, when the children
were aged nine months, occurred between
September 2008 and March 2009 right at the start
of the recession when unemployment was rising
most sharply. The second wave, when the children
were three years old, was from December 2010 to
July 2011. At this stage, unemployment was still
increasing and GNP was still falling but at a much
slower rate.
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Given the timing of the fieldwork, we would
expect that the families of the 2008 cohort would
already be beginning to experience the effects in
terms of unemployment or concerns about
employment loss in the first wave. For this reason,
we might expect that the impact of the recession
would be seen most clearly in the 1998 cohort since
the first wave interviewing was substantially

completed before the very steep rise in
unemployment in the fourth quarter of 2008.
Identifying economically vulnerable
groups

As knowledge of the limitations of relying solely
on income to measure poverty and social exclusion
has become more widespread, attention has been
increasingly  focused on multi-dimensional
approaches (Grusky & Weeden, 2007, Nolan &
Whelan, 2007, 2010). In addition to being
concerned with multidimensionality, advocates of
the social exclusion perspective have sought to
distinguish it from the conventional income
approach through its emphasis on dynamics — the
manner in which processes unfold over time. Such
concerns have led to the emergence, from a
number of sources, of a focus on what has been
termed ‘vulnerability’. This involves a shift of focus
from current deprivation to insecurity and exposure
to risk and shock. The International Monetary Fund
(IMF) (2003), the UN (2003) and the World Bank
(2000) have developed a range of approaches to
measuring vulnerability at the macro level. The
World Bank (2000) sees vulnerability as reflecting
the risk of experiencing an episode of poverty over
time but also a heightened probability of being
exposed to a range of disadvantages. Hanappi,
Bernardi and Spini (2015), in a systematic review of
social science literature using the concept of
vulnerability, argue that ‘vulnerability is a major
concept for interdisciplinary research and potential
theory development’. The authors suggest that
vulnerability may remain latent until individuals or
groups are challenged by critical events or the
depletion of limited resources.>

Our objective in this paper is to focus at a micro
level in order to identify families who are vulnerable
to economic exclusion in the sense of being
distinctive in their risk of falling below a critical
resource level, living in a household characterised
by a high level of joblessness and experiencing
subjective economic stress. In other research, using
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the Survey of Income and Living (SILC) data,
economic vulnerability has been measured using
indicators of income poverty status, material
deprivation and economic stress (Whelan & Maitre,
2005, 2010, 2014). Our choice of indicators in the
present study is influenced both by substantive
considerations and the quality of the data available
in the GUI surveys. Details of the three components
of economic vulnerability are shown in figure 1. We
use a similar indicator of economic stress but a
slightly different measure of income level and we
substitute household joblessness for material
deprivation. A comparison of material deprivation
levels for comparable families in GUI and SILC
showed that levels of deprivation in the former
were substantially below those reported in the
latter. This was despite the fact that no such
differences were observed in relation to the
distribution of income and key socioeconomic
factors that have been shown to be associated with
levels of deprivation. One possibility is that social
desirability considerations may have led parents to
be reluctant to report material deprivation in the
context of a survey focused on children. In any
event, the unrealistically low levels of such
deprivation in the GUI survey in comparison with

Figure 1: The components of economic vulnerability

comparable groups in the SILC data, led us to
exclude this dimension, which has been employed
in previous analyses of economic vulnerability
(Whelan & Maitre, 2010), and instead focus on
household joblessness.

Income level refers to the quartile of equivalised
household income. Equivalised income refers to
total household income from all sources and all
household members, net of taxes and social
contributions, and adjusted for household size and
composition by dividing by an equivalence scale.”

Income is measured by a single item answered
by the PCG in GUI and is, therefore, not measured
with as much precision as in SILC which is
specifically designed for the purpose of collecting
detailed income information.” Consequently, in
what follows we focus on income quartiles rather
than seeking to estimate numbers below
conventional income poverty lines.

Economic stress is measured by a single item
which has been used extensively in Irish surveys to
capture ‘difficulties in making ends meet’.
Household joblessness is defined wusing the
European Commission concept of ‘very low work
intensity’, as described in figure 1.

Variable Description

Income level

The income quartile of the household calculated separately for each cohort

in each time period. One quarter of each cohort in wave one and in wave

two is found in each quartile.

Economic stress

Whether the family has ‘great difficulty’ or ‘difficulty’ in making ends meet.

Household
joblessness (‘very
low work
intensity’)

The working-age adults in the household are currently in employment for
less than one fifth of the available hours. Working-age adults are aged 18 to
59, excluding full-time students under age 25. The percentage of available
time worked is calculated as a percentage of 35 hours, which is regarded as

full-time for this purpose. This percentage is capped at 100.

Note: hours worked are available for the primary and secondary care-givers
only. For other adults of working age, we only know whether or not they are
in employment. In calculating work intensity, we assume the work of any

other adults is full-time.

The approach we adopt in analysing economic
vulnerability involves an analysis of manifest
indicators in order to identify underlying or latent
vulnerability. We achieve this objective by the
application of latent class analysis, which can be used
as a tool to gain deeper understanding of the
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observed relationships between categorical indicators.
It can be thought of as a log-linear model where there
are more dimensions in the estimated table than in
the observed table. Such models generate tables of
expected frequencies that can be compared to the
observed frequencies using goodness of fit tests. The
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basic idea underlying such analysis is long established
and very simple (Lazarsfeld, 1950). The associations
between a set of categorical variables, regarded as
indicators of an unobserved typology, are accounted
for by membership of a small number of latent
classes. As Moisio (2004) notes, implicit in the notion
of multidimensional measurement of social exclusion
is the assumption that there is no one ‘true’ indicator
of the underlying concept. Instead, we have a sample
of indicators that tap different aspects of a complex
phenomenon. Latent class analysis assumes that each
individual is a member of one and only one of N latent
classes and that, conditional on latent class
membership, the manifest variables are mutually
independent of each other. Conditional independence
is a version of the familiar idea that the correlation
between two variables may be a result of their
common dependence on a third variable (McCutheon
& Mills, 1998). In estimating latent class models the
logic is identical but the explanatory variable is
unobserved and must be identified statistically. The
axiom of local independence can be seen as the
defining characteristic of latent class analysis. It
assumes causality running from the latent variable to
the manifest indicators.

The three measured characteristics of the families
shown in figure 1 yield a 16-cell table (4x2 x2) relating
to multidimensional profiles of economic exclusion.
Such a profile can be established for each of the four
groups we consider:

¢ The 2008 cohort at nine months
* The 2008 cohort at three years
* The 1998 cohort at nine years

* The 1998 cohort at 13 years

Taking into account both the range of indicators
and the number of groups produces a 64 cell table.
Our objective is to develop a parsimonious latent
class model of the underlying processes producing
an allocation of individuals to the cells of this table
that generates a set of expected values that provide
a satisfactory fit.

Since our objective is to identify an overall
economically vulnerable class that can be
contrasted with the remainder of the population,
we develop models with two latent classes®. For
each model we report the likelihood ratio chi-
square test (G?) and the percentage of cases
misclassified. The findings relating to a number of
models are set out in table 1. The first model, which
we use as a benchmark for the performance of the
remaining models, allows for an association
between the manifest indicators of economic
vulnerability and cohort and but assumes no
association between the vulnerability indicators.
Not surprisingly, this model provides a poor fit to
the data and misclassifies 16.6% of the cases.

A fully homogeneous latent class model reduces
the G” for the conditional independence model by
76.8% but misclassifies 6.7% of cases. The model
that allows the size of the vulnerable class to vary
by cohort and time reduces the G by 80.3% and
misclassifies 5.9% of cases. Finally the fully
heterogeneous model, which allows both the size
and the profile of the vulnerable class to vary across
combinations of cohorts and observation periods,
reduces the conditional independence G by 99.4%
and misclassifies 2.8% of cases.

Table 1: Latent class model fit statistics for GUI data

2

G Degrees of Reduction in % of cases
freedom independence G misclassified
Models
1. Conditional independence 7,647.5 45 16.6
2. Fully homogenous 1,775.3 49 76.8 6.7
3. Heterogeneous on size by cohort & time 1,508.0 46 80.3 5.9
4. Fully heterogeneous 480.3 16 99.4 2.8

Source: GUI Longitudinal ‘98 Cohort and ‘08 Cohort datasets, analysis by authors.
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A satisfactory fit requires that we take into
account differences in the size of the vulnerable
class and vulnerability profiles relating to both
cohort and period and the manner in which they
interact. Having done so, the fully heterogeneous
model provides a reasonably satisfactory account of
the observed patterns of multidimensional
economic vulnerability across cohort and time.

Levels and profiles of economic

vulnerability by age group and cohort

In table 2 we show the size of the economically
vulnerable class by cohort and time period and the
profile of the vulnerable and non-vulnerable groups
in terms of the three indicators. The sizes of the
vulnerable classes are based on assigning
individuals to the class in which they have the
highest probability of being located.” The table also
shows the percentage of cases that would be
misclassified under the model assumptions of zero
association between the manifest indicators within
latent classes. The figure ranges from 2% to 4.5%,
indicating a generally acceptable model fit.

Focusing first on latent class size we find that for
the 2008 cohort the observed level of economic
vulnerability was 19% in wave one and rose to 25%
in wave two. For the older 1998 cohort the level
was substantially lower in the first period of
observation at 15%. However, by the second period
it rose sharply to 25%. The difference in fieldwork
timing, noted earlier, is important in accounting, at
least in part, for the higher level of economic
vulnerability among the 2008 cohort in the first
wave and the sharper increases between waves for
the 1998 cohort.

The conditional probabilities show, for each
combination of period and cohort, the contrast
between vulnerable and non-vulnerable latent
classes in terms of their risk of being found in the
most disadvantaged categories of each of the
manifest indicators. Focusing on the younger 2008
cohort, we find that while 63% of the vulnerable
class are found in the bottom quartile, this figure
falls to 10% for the non-vulnerable class. The
respective figures for the third and fourth deciles
combined are 3% (2% + 1%) and 68% (34% + 34%).
In relation to economic stress, 36% of the
vulnerable class were above the relevant threshold
compared to 4% of the non-vulnerable. Finally, 48%

of the vulnerable class fulfilled the joblessness
criterion compared to 1% of the non-vulnerable
class. By the second time period when the children
were three years old, a relatively similar situation
existed in relation to the numbers in the bottom
quartile, with respective figures of 62% and 9%, and
in the third and fourth quartiles combined, with
figures of 4% (4% + 0%) for the vulnerable class
and 70% (34% + 36%) for the non-vulnerable class.
However, economic stress levels rose among both
vulnerable and non-vulnerable classes producing
respective levels of 47% and 10%, so that the
relative disadvantage of the vulnerable class
narrowed while the absolute difference showed a
modest increase. Finally, the level of joblessness
showed little change for the non-vulnerable class
but rose to 58% for the vulnerable class. So as the
size of the vulnerable class increased, striking
differences in risk profiles persisted but the impact
of the recession was uneven across the component
indicators.

Turning our attention to the older 1998 cohort,
we find that in wave one the number found in the
bottom income quartile is higher than for the
younger 2008 cohort at 15% but once again is
substantially higher for the vulnerable group at
69%. As in the 2008 cohort, stress levels were
substantially higher for the vulnerable than the
non-vulnerable group with respective figures of
31% and 2%. The contrast in terms of joblessness
was even sharper than in the case of the younger
cohort with a figure of 58% for the vulnerable class
and 1% for the non-vulnerable class. As the size of
the vulnerable class rose significantly,
differentiation in terms of income quartiles became
less sharp. Thus the number in the vulnerable class
in the bottom quartile declined from 69% to 49%
while the number in the second quartile rose from
26% to 42% and in the top half rose from 4% (4% +
0%) to 8% (7% + 1%). In relation to economic stress,
we observe increases that are somewhat larger
than in the case of the 2008 cohort resulting in
levels of 55% and 10% for the vulnerable and non-
vulnerable classes, respectively. In contrast, as with
the income quartiles, differentiation in relation to
household joblessness narrowed slightly with
respective figures of 50% and 1% cent for the
vulnerable and non-vulnerable clusters.
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Table 2: Latent class size and profiles by cohort

9 months old 3 years old 9 years old 13 years old
% Vulnerable 18.8 25.4 14.7 24.9
% of cases misclassified 2.45 4.51 2.04 2.21
Economically vulnerable Not Vulner- Not Vulner- Not Vulner- Not Vulner-
vulner- able vulner- able vulner- able vulner- able
able able able able
Conditional Conditional Conditional Conditional
probabilities probabilities probabilities probabilities
Income quartile
1 10% 63% 9% 62% 15% 69% 14% 49%
2 22% 34% 21% 34% 25% 26% 18% 42%
3 34% 2% 34% 4% 30% 4% 33% 7%
4 34% 1% 36% 0% 31% 0% 35% 1%
Economic stress 4% 36% 10% 47% 2% 31% 10% 55%
Joblessness 1% 48% 0% 58% 1% 58% 1% 50%
Number of cases 9679 9679 7408 7408

Source: GUI Longitudinal 1998 Cohort and 2008 Cohort datasets, analysis by authors.

Thus the size of the vulnerable group increased
for both cohorts but more so for the older 1998
one. Members of the vulnerable group remained
sharply differentiated from the non-vulnerable but
trends varied across the component items.
Economic stress levels increased for both
vulnerable and non-vulnerable groups for both
cohorts. In contrast joblessness remained minimal
for the non-vulnerable in both cohorts, increased
for the vulnerable 2008 group but declined for the
vulnerable cluster in the 1998 cohort. This latter
finding is consistent with the fact that for the 13-
year old group, vulnerability was significantly more
widely distributed across the income distribution as
the impact of the Great Recession led to a more
pervasive distribution of economic stress. This
finding is consistent with analysis of the impact of
the Great Recession on adult economic vulnerability
levels and profiles employing EU-SILC data (Whelan
& Maitre, 2014).
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Economic vulnerability patterns by

family characteristics

At this point we examine the extent to which
there was change or stability over time in the
economic vulnerability status of families. As noted
above, individuals are allocated to the vulnerable or
non-vulnerable class on the basis of the modal
assignment rule with each observation in a cell
being assigned to the cluster with the largest
probability. Employing this approach in figure 2, we
show the proportion of children in the two cohorts
who are found in each of the four economic
vulnerability classes: economically vulnerable in
neither period; vulnerable in wave one only;
vulnerable in wave two only and vulnerable in both
waves.



Longitudinal and Life Course Studies 2015 Volume 6 Issue 3 Pp 230 — 244

ISSN 1757-9597

Figure 2: Economic vulnerability of the two cohorts

08 cohort, Economic vulnerability

Both,
13.5%

W2 only,
11.9%
Neither
W1 only, wave,
5.3% 69.3%

wiony| _—

98 cohort, Economic vulnerability
Both,
10.2%

W2 only,
14.8%

4.6% Neither
wave,

70.5%

Source: GUI Longitudinal 1998 Cohort and 2008 Cohort datasets, analysis by authors. The relative risk of being vulnerable in wave 2

only or in both waves is significantly higher for the 1998 cohort.

The proportion of children who were
economically vulnerable in neither period is very
similar for the younger and older cohorts at about
70%. The proportion vulnerable in wave two is also
very similar at about 25%. Among the younger
cohort, 14% were economically vulnerable in both
periods compared to 10% of the older cohort.

Inevitably, given the recession, most of the
change in vulnerability status involved movements
into economic vulnerability. About 12% of the
younger cohort and 15% of the older cohort
experienced this transition. Roughly 5% of children
in both cohorts experienced movement in the
opposite direction.

In table 3 we provide a description of patterns of
vulnerability for the combined 2008 and 1998
cohorts by a range of family characteristics that
previous research suggests are likely to be
associated with vulnerability (e.g. Fahey, Keilthy &
Polek, 2012; Watson, Maitre & Whelan, 2012).
These include household type, educational level
and age at birth of the PCG, cohabitation and
changes in household status relating to parents and
number of children. We focus first on the likelihood
of being vulnerable in both waves. The highest
expected risk is for lone parents with two children
(49%), followed by lone parents with one child
(36%). It then declines sharply to 9% for a couple
with 3+ children and 5% for families with 2 children
and 4% for those with one child. The next most
powerful influence was the educational level of the
PCG. For lower second level or below, the rate was

27%. It then fell to 9% for upper second or lower
third level and finally to 2% for upper third level.
Persistent vulnerability was highest among those
PCGs who were youngest when the child was born.
For those aged less than 25 the rate was 28% and
for those aged between 25-29 it fell to 15%, For no
other group was the risk above 11%. Where a new
parent was present in the new wave, 37%
experienced persistent vulnerability, compared to
19% where a parent had died or left and 11% where
there was no change. Neither cohabitation nor
more children in wave two had any effect.

For those experiencing economic vulnerability in
wave one only, a similar but much less sharp
pattern of social differentiation emerges. The fact
that such transient poverty is likely to be affected
by a wide variety of relatively specific factors while
at the same time a significant degree of social
structuring remains evident, is consistent with the
likelihood that families who experience economic
vulnerability in highly favourable economic
circumstances but then manage to exit this state
are likely to experience recurring spells of
vulnerability. In relation to family type, the highest
probability of being vulnerable only in wave one
was observed for lone parents with two children
with a rate of 15%. This fell to 12% for their
counterparts with one child and to between 3-4%
for the remaining family types. Focusing on age of
PCG, the highest rate of between 7-9% was
observed for the under 30 groups before falling to
3-5% for older groups. For educational level the
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rate declined from 8% for the least educated group
to 3% for the most educated. Where a new care

giver joined by wave 2 the rate was highest at 16%
but a parent dying or leaving had no effect.

Table 3: Observed economic vulnerability pattern by family characteristics

Wilonly W2only Both Neither

Age of PCG at birth of child Under 25 9% 20% 28% 43%
25-29 7% 14% 15% 64%

(30-44 ref.) 1% 11% 8% 78%

35-39 3% 11% 7% 78%

40+ 5% 15% 11% 69%

Household type W1 Lone parent, 1 child 12% 13% 36% 39%
Lone parent, 2+ children 15% 12% 49% 25%

Couple, one child 4% 10% 4% 82%

Couple 2 children 3% 13% 5% 79%

Couple, 3+ children 3% 16% 9% 72%

Cohabiting W1 No 5% 12% 12% 71%
Yes 6% 18% 12% 64%

Change in parent(s) No change, same parent(s) 5% 12% 11% 72%
New parent 16% 11% 37% 36%

One parent died/left 6% 32% 19% 43%

More children in Wave 2 No 5% 13% 12% 69%
Yes 3% 12% 12% 73%

PCG Education, W1 Low 2nd or less 8% 19% 27% 46%
Upper 2nd to lower 3rd 5% 14% 9% 73%

Upper 3rd 3% 6% 2% 89%

Source: GUI Longitudinal 1998 Cohort (N=7,423) and 2008 Cohort (N=9,793) datasets, analysis by authors.

For those experiencing vulnerability in wave two
only, a rather different pattern of socioeconomic
differentiation is observed. Families with the
youngest head of households were again at the
highest level of risk with a rate of 20%. However, on
this occasion the figure for the 40+ group at 15% is
marginally higher than for the 25—29 group. For
the remaining groups the figure falls to 11%. Once
again risk is clearly related to education level and
ranges from 19% for the lowest level of qualification
to 6% for the highest. Those families where a
parent left or died were sharply differentiated from
other families with a risk level of 32% compared to
between 11 and 12%. The loss of a parent is clearly
a traumatic event which is associated with
persistent vulnerability and entry into vulnerability.
The arrival of a new parent has little effect on entry
into vulnerability, but is strongly associated with
both persistent and transient vulnerability. This may
well reflect longer term processes of family
instability. In contrast to the earlier findings, the
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pattern of differentiation by family type s
extremely modest with no clear contrast between
lone parent families. The highest rate of 16% is
observed for couples with three or more children
and the lowest of 10% for couples with one child.
Cohabitation and having more children in wave two
had little effect.

The probability of being vulnerable in neither
wave obviously follows directly from the outcomes
discussed to date and it is highest for couple with
one to two children, for families with younger and
better educated PCGs and where no change in
parents is observed.

Economic vulnerability patterns and

relative risk ratios

In  extending our analysis of the factors
associated with patterns of vulnerability dynamics
we conducted a multinomial (polytomous) logit
regression on the pooled data for both cohorts.
The dependent variable is the four-category
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indicator of economic vulnerability dynamics:
vulnerable in neither period (the reference
category); transient vulnerability (vulnerable in
wave one only); becoming economically vulnerable
(vulnerable in wave two only) and persistent
vulnerability (vulnerable in both periods). The
analysis uses weighted data with standard errors
adjusted for clustering and weights.® The results
relating to relative risk ratios (RRRs) are set out in
table 4 below. Goodness-of-fit statistics suitable for
survey data estimators (i.e. when the svy prefix is
used to ensure correct standard errors) are not
available for multinomial regression models
(StataCorp, 2013b). In the present context, since
our focus is on model parameter estimates rather
than comparing alternative models, the overall
goodness of fit of the model is less critical. The
adjusted Wald test is reported instead (Heeringa,
West & Berglund, 2010). This is a test of the null
hypothesis that all parameters are not significantly
different from zero. The test has a p value less than
.001, indicating that the null hypothesis should be
rejected.

The reference category for the dependent
variable is being economically vulnerable in neither
wave. The impact of socioeconomic factors is
relatively uniform between the 2008 and 1998
cohorts. However, a number of significant
variations emerge and these are taken into account
by specific interaction terms. Focusing first on the
relative risk of persistent vulnerability, by far the
most significant influence is family type and in
particular lone parenthood. Taking a couple with
one child as the benchmark we find that the RRR for
lone parents with two or more children reaches
74.8. For their counterparts with only one child the
value falls to 22.4. There is then a sharp drop to 4.5
for a couple with three children and to 1.92 for
those with two children. The next most important
influence is educational level of the PCG. With third
level as the reference category, the RRR for lower
second level or below is 11.8 while for upper
second and lower third level it is 2.9. Age of the PCG
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at birth of child has a significant but less substantial
impact. With the 35-39 group as the benchmark,
the RRR for the under 25 group was 3.6. (However,
this value relates only to the 2008 cohort and falls
to 2 for the 1998 cohort). It then fell to 1.8 for the
25-29 group and to 1.6 for the 40+ group. No
significant difference was observed for the 30-34
age group compared to the 35-39 age group. With
the no change in parent(s) category as the
reference group, the RRR for those where a parent
died or left was 4.9. However, while a gross positive
effect for the arrival of a new parent was observed,
controlling for other factors leads to a net RRR of
0.6. In most cases, this pattern involved a formerly
lone parent marrying, so that there was a shift from
a one-parent to a two-parent family. The net effect
of cohabitation was to raise the RRR by 1.7 and of
more children to increase it by 1.5.

Transient vulnerability is the pattern where the
family was economically vulnerable in wave one but
became non-vulnerable in wave two. Given the
recession, this pattern was relatively unusual.
Turning to a consideration of factors associated
with this pattern, we find that taking a couple with
one child as the benchmark, the RRR rises to 8.5 for
lone parents with two or more children (However,
for the 1998 cohort this increases to 20.1). For lone
parents with one child the RRR is 5.2. There is no
significant difference between couples with
different numbers of children.

Age of PCG effects were similar to those for
persistent poverty with the RRR ranging from 2.3
for the under 25 group to 1.9 for those aged 25-29
and no difference between families where the PCG
was older at the birth of the child. Families where a
parent subsequently left or died had an RRR of 2.6.
In the 2008 cohort the arrival of a parent was
associated with an RRR of 1.6 but for the 1998
cohort this fell to 0.7 with this group enjoying a
relative advantage rather than a disadvantage.
Cohabitation raises the RRR by 1.3 but families
which subsequently had more children had an RRR
of 0.7.
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(Reference category is vulnerable in neither period)

Table 4: Relative risk ratios for economic vulnerability dynamics for the 2008 and 1998 cohort

2008
Transient Becoming Persistent
economic economically economic
vulnerability vulnerable vulnerability
(W1 only) (W2 only) (Both waves)
Cohort (Ref: 2008 cohort) 1998 cohort 1.000 1.435 0.380
Age of PCG at birth of child Under 25 2.292 3.644 3.606
(35-39 ref.) 25-29 1.948 1.777 1.779
30-34 1.000 1.000 1.000
40+ 1.000 1.553 1.576
Household Type W1 Lone parent, 1 child 5.233 2.413 22.390
(Ref: Couple, 1 child) Lone parent, 2+ children 8.460 4.266 74.830
Couple, two children 1.000 1.544 1.916
Couple, 3+ children 1.000 2.778 4.483
Cohabiting W1? Yes 1.319 1.253 1.695
Change in parent(s) Yes 1.619 1.000 0.567
(Ref: No change) One parent died/left 2.601 5.055 4.935
More children in Wave 2? Yes 0.693 1.262 1.504
PCG Education, W1 Lower 2nd or less 5.215 4.498 11.800
(Ref: Upper 3rd) Upper 2nd to lower 3rd 2.053 2.577 2.946
1998 Cohort (where different)
Age of PCG at birth of child Under 25 1.665 2.005
(Ref: 35-39) 25-29 1.088
30-34
40+
Household Type W1 Lone parent, 1 child
(Ref: Couple 1 child) Lone parent, 2+ children 20.059
Couple, two children
Couple, 3+ children 1.878
Cohabiting W1? Yes
Change in parent(s) Yes 0.661
Ref: No change, same
parent(s)) One parent died/left 3.084
More children in Wave 2? Yes
PCG Education, W1 Lower 2nd or less 2.435
(Ref: Upper 3rd) Upper 2nd to lower 3rd 0.834 1.866

Source: GUI Longitudinal 1998 Cohort (N=7,423) and 2008 Cohort (N=9,793) datasets. Note: Where cell is blank for child cohort,
relative risk ratio is the same as for 2008 cohort. Where Relative risk ratio is not statistically different from the reference category for
the 2008 cohort at p<=0.1, 1.000 is used in the table. Adjusted Wald test for all parameters: F (55, 10,298) = 39.89; p value <.001.

A significant contrast between the 2008 and
1998 cohorts emerges in relation to the strength of
the association between the educational level of
the PCG and vulnerability in the first wave. For the
2008 cohort, lower secondary qualifications are
associated with an RRR of 5.2 while for upper
secondary to lower third level a value of 2.1 is
observed compared to the reference category of
PCGs with third level qualifications. For the PCGs of
the 1998 cohort, where Ilower levels of
gualifications were more the norm, the contrast by
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level of education is smaller and the respective
values are 2.4 and 0.8.

Becoming economically vulnerable (being
vulnerable in wave two only) involves moving into
vulnerability during the recession. Consistent with
our earlier discussion of the gross effects, family
type has a significantly weaker association with
becoming economically vulnerable than with
transient or persistent vulnerability. Taking a couple
with one child as the reference category, the RRR
for lone parents with two children is 4.3 while for
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those with one child it falls to 2.4. The RRR for a
couple with three or more children is 2.8 while for
those with two children it is 1.5. Thus lone
parenthood plays a significantly weaker role for this
outcome. For the 1998 cohort the only different
effect is for a couple with three or more children
where it falls to 1.9 compared to those with one
child. Overall, family type is a much weaker factor in
accounting for becoming economically vulnerable
than for the other outcomes (persistent and
transient vulnerability). In addition, the age of the
PCG at the time the child was born has a stronger
effect for the 2008 cohort than for the 1998 cohort.
For the former the RRR for the 25 or under group is
3.6 and for the 25-29 category is 1.8 compared to
the reference category of age 35-39. For the 1998
cohorts the respective figures are 1.7 and 1.1. For
both groups the RRR for the 40+ group is 1.6. For
the 2008 cohort the impact of education is similar
to that for transient vulnerability with RRRs of 4.5
and 2.6 but for the 1998 cohort the latter figure
relating to higher second and lower third level falls
to 1.9. Cohabitation and having more children raise
the RRR modestly to 1.3. In the 2008 cohort the
departure or death of a parent increased the RRR of
becoming economically vulnerable by 5.1 but for
the 1998 cohort the RRR was lower at 3.1.

Controlling for all other variables in the model,
the 1998 cohort was less likely to experience
persistent vulnerability with an RRR of 0.4 but was
more likely to be vulnerable in wave two only with
an RRR of 1.4.

Overall, our analysis indicates that the factors
associated with risk of persistent vulnerability are
somewhat different to those relating to transient
vulnerability or becoming economically vulnerable.

Conclusions

In this paper we have sought to develop a
multidimensional and dynamic approach to
understanding the impact on families and children
in Ireland of an unprecedented set of economic
changes associated with the Great Recession.

The first and second waves of the Growing Up in
Ireland survey spanned the period from the end of
Ireland’s economic boom through its entry into the
Great Recession. Taking advantage of this timing
we developed an approach to capturing
multidimensional latent economic vulnerability of
families, understood as involving a distinctive risk
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profile in relation to relative income, household
joblessness and economic stress.

The recession was associated with a significant
increase in levels of economic vulnerability and
changing risk profiles for both the 2008 and 1998
cohorts. While the 2008 cohort displayed higher
levels of persistent and transient vulnerability in the
first wave, the transition into vulnerability in wave
two was more evident for the 1998 cohort. This is
consistent with the fact that the timing of the
surveys meant that the first wave for the 1998
cohort took place before the start of the recession
while the 2008 cohort was first approached after
the recession had already begun. Economic stress
levels increased for both vulnerable and non-
vulnerable groups for both cohorts. The sharpest
change in the vulnerability profile occurred for the
1998 cohort where the level of joblessness among
the wvulnerable decreased and they were
significantly more widely distributed across the
income distribution.

The factors affecting vulnerability outcomes
were broadly similar for the 2008 and 1998 cohorts.
Persistent economic vulnerability was significantly
associated with lone parenthood, particularly for
those with more than one child, lower levels of PCG
education and, to lesser extent, younger age of PCG
at child’s birth, number of children and a parent
leaving or dying. The vulnerability of lone parent
and cohabiting families is consistent with other
research in Ireland on the 1998 GUI cohort (Fahey
et al.,, 2012; Hannan & Halpin, 2014). Results
reported by Fahey et al. (2012) indicate that
poverty and low levels of education are important
in accounting for the lower wellbeing of children in
one-parent families. Hannan and Halpin (2014),
similarly, point to the significance of pre-existing
differences, including socioeconomic differences
between family types, in accounting for the
disadvantage in health and self concept faced by
children in lone parent or cohabiting families
(Hannan & Halpin, 2014).

The impact of educational qualifications points to
the importance of continuing to emphasise
education and skills acquisition, particularly for
those at risk of early school leaving. In the more
immediate term, the needs of lone parents outside
the labour market need to be addressed. Because
lone parent families have only one care giver, the
challenge of balancing employment and child care is
likely to be more acute. It is well established that
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interventions to improve the labour market skills of
the unemployed bring benefits in terms of
employment opportunities and future wages. What
is less well understood is the mix of training, job
search support and child care support that is
needed to enhance the labour market prospects of
lone parents. Further research is needed on the
optimal mix of services and support needed to
enhance the labour market prospects of lone
parents as well as improving outcomes for their
children.

Similar factors were associated with transient
vulnerability but the magnitude of the effects was
significantly weaker, particularly in relation to lone
parenthood and level of education of the PCG. For
entry into vulnerability the impact of these factors
was again substantially weaker than for persistent
and transient vulnerability indicating a significantly
greater degree of socioeconomic heterogeneity
among the group that became vulnerable during
the recession. As a result, in the post-recession
period the economically vulnerable became
considerably more heterogeneous in terms of
family type and educational level of the PCG. This is

Acknowledgements

consistent with other research on financial stress
among the adult population in Ireland which
showed significant evidence of ‘middle class
squeeze’, particularly at the middle stages of the life
course (Maitre, Russell and Whelan 2014; Whelan &
Maitre, 2014). The findings confirm the policy and
political challenges presented by the scale of the
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economic  vulnerability and the changing
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Endnotes

! The recent UNICEF (2014) report on child poverty calculated changes in poverty rates using a poverty line
fixed at 60% of median income in 2008 and adjusting the 2012 line for inflation. Given the scale of the
recession in Ireland, it is not surprising that it fares particularly badly on such ‘peak to trough’ indicators,
which fail to take into account the substantial increase in household incomes during the boom, in contrast
with the outcome employing conventional income poverty measures.

? For a discussion of design and reweighting procedures for both cohorts, see Murray et al, 2010 and
Thornton et al, 2013.

? For a recent discussion of the use of vulnerability as a heuristic concept see Hanappi et al., (2014).

* The scale assigns a weight of 1 to the first adult in a household, a weight of 0.66 to each additional adult
and of 0.33 to children. The equivalised household income is thus calculated as the total household net
income divided by the number of equivalent adults in the household.

> Nevertheless, the median equivalised household incomes as measured in the GUI are very similar to the
figures obtained in the SILC surveys for the comparable years and for families of children in the same age
groups.

® Extending the analysis to allow for a larger number of latent classes would require increasing the number
of categories in our indicators in order to have sufficient degrees of freedom to conduct the analysis and
would lead to a significantly less parsimonious account of economic differentiation.

’ The class sizes based on modal allocation are lower than the estimated sizes of the vulnerable classes, at
27% for the nine-month olds, 30% for the three-year olds, 19% for the nine-year olds and 30% for the 13-
year olds. However, the pattern across cohorts and over time is very similar.

® This was accomplished using the ‘svy’ routine in Stata (StataCorp, 2013b). The data are in ‘wide’ format, so
there is one case per child. The 1998 cohort is clustered at school level. Clustering has implications for the
standard errors and significance tests but not for the sizes of coefficients (Heeringa et al., 2010). There is no
clustering in the 2008 cohort but adjusted standard errors are still required to take account of the weights.
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