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Abstract 
Household composition, economic resources, and residence are not necessarily stable across 
childhood. Changes in parental relationship status, parental employment, and residence have been 
shown to affect children’s educational attainment. Less studied is the fact that these events can 
occur in combination: families could experience more than one of these disruptive events within 
the same time period (e.g. year); from a life course perspective, families could experience multiple 
events throughout their lives. Using linear regression models to analyse data from the Panel Study 
of Income Dynamics, a longitudinal study of U.S. individuals, I confirmed that the children of 
parents who experienced employment loss or gain, or partner loss or gain demonstrated lowered 
odds of high school completion, college attendance, and college completion. Residential moves 
increased the odds of high school completion but decreased chances of college completion. I then 
found that experiencing two disruptive events within a given two-year period led to an increased 
negative effect compared to experiencing only one event. These findings robustly applied to 
different comparison group specifications. Finally, I showed that, generally, increasing the number 
of disruptive events decreased the probability of attaining the educational outcomes considered. 
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Introduction 
Household composition, economic resources, and 

residence are not necessarily stable across childhood. 
Changes in parental relationship status, parental 
employment, and residence have been shown to 
affect children’s educational attainment. Research 
usually focuses on one life event, such as divorce, a 
move, or job loss; such studies give insights into the 
dynamics and consequences of isolated events. Less 
studied is the fact that these events may occur in 
combination. The possibility that events cascade, 
triggering subsequent disruption and 
reinforcement—in which one disruption magnifies 
the impacts of other disruptions experienced 
simultaneously—means that family disruption might 
have second-order effects on children’s educational 
attainment. There are indeed events that prompt 
another event, such as a residential move following a 
divorce (Clark, 2016; South, Crowder, & Trent, 1998; 
Weitzman, 1985), or a job loss leading to a divorce 
(Charles & Stephens, 2004; Sayer, Allison, England, & 
Kangas, 2011). Events could also occur independently 
but successively within a given two-year timeframe. 
Disruptive events could interact to form their own 
dynamic relationship, in which consequences can be 
attributed to both events or to a complex interplay of 
events. As Werner and Smith (1992) point out, “the 
intercorrelations among a number of concurrent 
stressors in children’s lives and possible common 
antecedents…are often overlooked in…investigations” 
(154). The aim of this study was to examine these 
potential event combinations and their prevalence 
and assess the second-order effects of combined 
disruptions above and beyond the better-known first-
order impacts of singular events on children’s 
educational outcomes. 

Treating each event separately allows research to 
focus and delve more deeply into each event’s impact 
on the life course. However, a focus on singular 
events only gives a decontextualised view of each 
event. A central tenet of life course theory holds that 
any event occurs in the life course as part of a series 
of events (Elder, 1999; Mayer, 2009) or an age-graded 
pattern (Elder, Johnson, & Crosnoe, 2004). Some 
events are considered part of normative life course 
stages (e.g. completion of schooling, first marriage, 
retirement (Riley & Riley, 1994; Uhlenberg & Mueller, 

2004)), but people additionally experience events 
that disrupt the life course in some way and create an 
off-time and sometimes unexpected transition (e.g. 
from employed to unemployed (McLeod & Almazan, 
2004)) or turning point (Wheaton & Gotlib, 1997). 
Disruptive events can be, and often are, coupled 
together. If each event matters, the interaction 
between or combination of events may matter as 
well: for example, if a divorce seemingly prompts a 
negative outcome, it could be that a residential move 
coinciding with the divorce is partially causative in the 
fallout. Prior research has not yet addressed this 
question, leaving a potentially large gap in the 
literature. Some studies have focused on co-
occurrence of events that mark the transition to 
adulthood, the increasing individualisation of the life 
course, and how event sequence patterns are 
affected (Buchmann, 1989; Rindfuss, Swicegood, & 
Rosenfeld, 1987; Shanahan 2000). However, these 
conversations about event combinations focus on 
normative life course events, or role transitions, as 
shaping a transition into adulthood (or parenthood), 
not disruptive events that occur within the adult life 
course. Some literature in social psychology has 
investigated how clusters of adversities or traumas 
differ from single events (Kessler, Gillis-Light, Magee, 
Kendler, & Eaves, 1997) and how families might bear 
this burden as a collective entity (Malia, 2006), 
though this work focuses primarily on mental health 
outcomes. 

This paper focuses on the probability of high 
school graduation, college attendance, and college 
completion for the children of parents who 
experienced disruptive life events. Of course, many 
educational outcomes occurring between birth and 
high school graduation could be measured, such as 
grades, disciplinary actions or grade retention. I chose 
to focus on high school graduation, college 
attendance and college completion as educational 
markers that impact a child’s likelihood of 
experiencing the same disruptive events in their 
subsequent life trajectories. High school diplomas are 
necessary for the vast majority of jobs in the U.S., and 
college degrees lead to significantly increased 
incomes, especially over a lifetime of employment 
(Borgen & Rumbaut, 2011). These crucial milestones 
also provide a protective effect against job loss 
(Brand & Simon Thomas, 2014; Kogan, Unt & Saar, 
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2007 and marital instability (Furstenberg, 1995). 
Indeed, I show the impact of parents’ educational 
milestones on their own likelihood to experience 
disruptive events as well. If disruptive events in the 
parents’ lives create situations in which children are 
more likely to experience the same events owing to 
the children missing educational milestones, this 
provides strong evidence for an intergenerational 
pathway of disadvantage. 

Background 
Previous research shows that disruptive events 

indeed matter for children’s educational attainment; 
usually effects are negative, though income can be 
protective (Mortimer, Zhang, Husseman & Wu, 2014; 
Ryan, Claessens & Markowitz, 2013). Parental divorce 
or dissolution of a cohabiting relationship (Amato, 
2000; Amato & Keith, 1991; Brown, 2010; Cooper, 
Osborne, Beck, & McLanahan, 2011; Fomby & 
Sennott, 2013; Garfinkel & McLanahan, 1986; 
Mitchell et al., 2015; Rhodes & Hoey, 1994; Seltzer, 
1994; Sweeney, 2011; Thomas & Högnäs, 2015; 
Werner & Smith, 1992), remarriage or the start of a 
cohabiting relationship (Brown, 2010; Fomby & 
Sennott, 2013; Jaffee, Moffitt, Caspi & Taylor, 2003; 
Mitchell et al. 2015; Sweeney, 2011), residential 
moves (Burdick-Will et al., 2011; DeWit, 1998; 
Ingersoll, Scamman & Eckerling, 1989; Jelleyman & 
Spencer, 2008 Pettit & McLanahan, 2003; South, 
Haynie & Bose, 2007) and job loss (Brand & Simon 
Thomas, 2014; Parsons, Schoon & Vignoles, 2014) can 
negatively affect children educationally, socially, and 
emotionally. Combinations of events are probable: 
divorce or ending cohabitation has been shown to 
lead to residential moves (Swartz, Hartmann & 
Mortimer, 2011; Weitzman, 1985), similar to 
remarriage or the start of a new cohabiting 
relationship. 

There are various pathways by which children’s 
educational attainment can be affected by disruptive 
events. One is purely economic: divorce and job loss 
specifically negatively affect family income (Davis & 
von Wachter, 2011; Tach & Eads, 2014; Tach & Eads, 
2015), and fluctuations in income have been shown 
to have negative consequences for children’s 
education (Gennetian, Wolf, Hill, & Morris, 2015). 
Single mothers’ job losses have been shown to lead to 
lower rates of high school and college completion for 

their children, and the authors (Brand & Simon 
Thomas, 2014) suggest that relative deprivation plays 
a role in these effects. Amato and Booth (1991) refer 
to this as an “economic deprivation” model. This 
economic argument would imply that marriage (or 
remarriage) and job gain would lead to positive 
results, given the likely increase in financial resources 
(Hao, 1996). Importantly, family income could also act 
as a buffer to the consequences of marital instability 
(Ryan, Claessens & Markowitz, 2013. 

An alternative argument is that parental life 
disruptions could harm children by affecting their 
daily lives, such as partner status changes that lead to 
changes in childcare, which is disruptive for young 
children (Crosnoe, Chambers Prickett, Smith, & 
Cavanagh, 2014).1 Corak (2004) argues directly that 
income is not the driving factor of disruptions’ 
effects: "The decisive kinds of parental investments 
are not the monetary kind. The inheritance of 
education, occupation, and income is influenced in 
the first instance by the impact parents have on a 
child's cognitive performance" (Corak, 2004:33). By 
Corak’s logic, changes in income, or even in overall 
socioeconomic status (e.g. occupational change and 
income change), should not change children’s 
educational choices because these disruptive events 
do not change parents’ cognitive influences. The 
parents remain the same (though divorce will alter 
exposure and stepfamily formation adds new people 
to the household), regardless of different 
employment situations, different relationships and/or 
living in a different home. However, I believe that 
parental disruptions necessarily impact children in 
that they can add stress and change income. 

Disruptive events, such as partner exits and 
entrances (Amato & Booth, 1991; Amato & Keith, 
1991; Mitchell et al., 2015) or job losses (Paul & 
Moser, 2009; Young, 2012), are also stressful for 
parents and their children, and this stress can affect 
behaviour and mental health. Pearlin, Menaghan, 
Lieberman, and Mullan (1981) argue that 
“unscheduled or undesired life events” (343), or 
“eventful experiences” (338) lead to role strain, or 
problems in the roles one is expected to play socially 
and personally, which in turn affects self-esteem and 
feelings of mastery. Pearlin more recently suggests 
that agency is diminished by life course disruptions, 
with potential negative effects (Pearlin, 2010). Both 
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mastery and agency mean that individuals feel in 
control over possible transition points in their lives 
and their consequences, and disruptive events 
impinge upon these feelings of control. When parents 
experience stress, it is likely to affect their children: 
“the actions, fortunes, and misfortunes of one person 
are likely to affect those with whom the person has 
close social relationships” (Pearlin 2010: 212). The 
family stress model underscores the idea that 
stressful life events take time to churn through each 
family member, potentially creating a complex 
interaction of emotions and reactions, or “upset in 
the steady state of the family” (Malia, 2006: 143). 
When children’s mental health and behaviour 
(particularly classroom behaviour) suffers, this can 
affect their educational attainment, among other 
factors. 

More generally, recent research likewise shows 
that instability in families is detrimental to children’s 
educational performance (Cavanagh & Fomby, 2011), 
college completion (Fomby, 2013), behaviour 
(Cavanagh & Huston, 2006; Fomby & Sennott, 2013; 
Mitchell et al., 2015; Ryan, Claessens & Markowitz, 
2014), and other outcomes related to the transition 
to adulthood, such as union formation, childbearing 
and entry into the labour force (Fomby & Bosick, 
2013). The experience of multiple disruptive events 
within close time proximity is akin to instability. 
Research on families suggests that instability and 
change might be more to blame for negative effects 
on children rather than the family statuses 
themselves (Osborne & McLanahan, 2007; Sweeney, 
2010; Wu & Martinson, 1993), over and above the 
negative effects of income changes (Wu, 1996). 
Indeed, the negative effects of family instability affect 
children across all levels of income (Ryan, Claessens & 
Markowitz, 2014). 

However, a recent report by the Urban Institute 
(2014) points out that though instability is negative, 
there could be changes that create a form of 
instability but ultimately lead to better outcomes, 
such as a residential move when a parent gets a 
better job. Importantly, they also state that “the 
frequency or repetition of the experience of 
instability for children is an important consideration; 
a single experience of instability seems likely to have 
a different effect on children than repeated 
incidences of instability” (2). In an overview of related 

research, they refer to such repeated instances as a 
“cascade of instability,” in which one event prompts 
another event. This is akin to the idea of a chain 
reaction within a life trajectory (Wheaton & Gotlib, 
1997) or a cluster of adversities (Kessler et al., 1997). 

There is already ample support for the hypothesis 
that parental disruptions negatively affect children’s 
educational attainment. But whether and how 
combinations of events, as compared to single 
events, affect children’s educational attainment 
remains unclear, though we can build the inference 
from existing research on single events that the 
effects of event combinations should be negative. If 
research on independent events is used as a guide, 
we could think of the consequences of multiple 
events as being additive. That is, a child whose 
parents divorce and then move experiences the 
negative consequences of the divorce plus the 
negative consequences of the residential change. I 
refer to this possible combination of event effects as 
the additive hypothesis. 

Another possibility is that the effects of 
disruptions are not independent but rather interact 
to form increasingly exacerbated circumstances. Time 
proximity could lead to effects worsening beyond a 
simply additive process: in other words, there is the 
effect of each event as well as an additional increase 
in effects that can be attributed to event or effect 
interaction. Conversely, event effects could overlap, 
resulting in a total effect that is less than a simple 
addition of effects from separate events. I call this 
potentially multiplicative combination of event 
effects the amplification hypothesis, in which the 
multiplicative factor could be greater or less than 1. 

To test these two hypotheses, I first asked: How 
often are events found in combination with one 
another? I also evaluated which combinations were 
most common (i.e. which events were often 
experienced in the same family within a two-year time 
frame). These questions focused on the parents’ 
experiences with events to see how normative these 
event combination experiences might be. To focus on 
the effects specifically, I asked: Do certain event 
combinations lead to lower educational outcomes for 
children than others? Relatedly, do any of these 
combinations of events lead to positive educational 
outcomes for children? 
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A final hypothesis I considered stems from the 
idea of instability becoming normative in some 
households: it is possible that there is a point at 
which the effects of disruptive events are diminished 
by their combination and repetition. This means the 
outcomes are less about the exact events that occur 
and more about the quantity of them; the life course 
becomes defined in part by these disruptions. This is 
a more qualitative view of the simultaneity of events, 
which I refer to as the cumulation hypothesis. To test 
this final hypothesis, I asked: Is a higher count of 
events worse (in terms of children’s educational 
outcomes) than a lower count? I was specifically 
interested in a possible non-linear trend as event 
count increased. 

Data 
I used data from the Panel Study of Income 

Dynamics (PSID) for this analysis. The PSID began in 
1968 as an annual survey, and since 1997 it has 
continued to add data every two years. The study 
began with a sample of 18,000 individuals in 5,000 
families (these participants are said to have the “PSID 
gene” or be “gened participants”), and the study is 
still growing as family members are added, creating a 
sample by 2011 of over 80,000 individuals. The PSID 
contains detailed information about job changes, 
partnership status, and residential location. It also 
contains, at a detailed level, a rich set of covariates 
for this analysis. 

Initially, my sample included 22,104 children 
matched with parents. I removed respondents who 
were not at least 19 years old by 2011 (n=6,461), as 
those respondents had not reached the cut-off age of 
high school completion. (Changing this cut-off to 21 
or 25 did not change results, so I used the dataset 
with a larger number of respondents, which used the 
cut-off of being at least 19 years old in 2011.) I only 
analysed events that occurred when the child was 
between 1 and 17 years of age. I removed 
respondents for whom data on any disruptive event 
for mothers or fathers, for all years, was missing 
(n=4,261), as leaving those cases in the dataset would 
have required substantial imputation across many 
years on my main predictive variables. Finally, across 
mothers and fathers with employment, relationship, 
and residential move data available, I retained 11,382 
children in my sample. 

I used a subset of the trigger events that DiPrete 
and McManus (2000) used. Though these authors 
looked at different outcomes, I believe these events 
captured instability and change in socioeconomic 
status for parents and hence their dependent 
children, which was appropriate for this analysis. The 
employment events were: (1) employment to no 
employment, (2) no employment to employment, and 
the relationship events were: (1) add partner, and (2) 
lose partner. It is important to note that the PSID 
classifies respondents as “married” if they have been 
cohabiting for more than a year; therefore, I used this 
variable indicating being “married” in my analyses. 
Thus, I focused on unions that dissolved or were 
entered into whether they were married or 
cohabiting, following the PSID definition of 
relationship length. I did not consider girlfriends and 
boyfriends in the household, as I believe that 
marriage or long-term cohabitation dissolution 
provides a greater shock to the household, and it was 
such large shocks in which I was interested. Though 
cohabitation and marriage have become increasingly 
similar in behaviour and effects on children (Goldberg 
& Carlson, 2014; Tach & Eads, 2014; Tach & Eads, 
2015), I acknowledge that this is a generalisation and 
there could be differences for children whose parents 
have cohabiting versus married relationships. I also 
included a third event category: moving to a new 
residence, which made use of a question in the PSID 
in which respondents were asked if they had moved 
in the previous year. This gave me a total of five 
events to analyse,2 which I only coded as occurring if 
there was a child in the household between the ages 
of 1 and 17 years. This list was by no means 
exhaustive; many more events could have been 
considered disruptive to families. This analysis was 
meant to provide a starting point with some of the 
most important trigger events for families. This line of 
research can be extended to other events, such as 
health-related changes (e.g. severe illnesses or death 
in families). 

I measured educational outcomes for children 
following Brand and Simon Thomas (2014) as high 
school completion by age 19, college attendance by 
age 21, and college completion by age 25. Notably, 
results for each educational outcome could be quite 
different, because college usually requires a financial 
investment and attendance is not mandatory at any 
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age; persistence to college completion might also 
vary from attendance since it requires attending for 
multiple years and completing a set of requirements. 

I primarily focused on event occurrence for either 
parent. However, following arguments that both 
parents’ class origins matter for children and must be 
taken into account when analysing intergenerational 
mobility (Beller, 2009), I also analysed mothers’ and 
fathers’ events separately for comparison. The PSID’s 
unique design uses a “head of household” 
designation, which in the early years of the survey 
meant the male adult respondent in the household. 
However, in households where the adult present was 
female, for example in the aftermath of a divorce, the 
female adult respondent became the head of 
household. Conversely, a marriage meant that head 
of household shifted to the male respondent. Due to 
these potential shifts, I placed heavier emphasis on 
the outcomes for parents generally to draw 
conclusions. 

Finally, as is the case in most longitudinal surveys, 
attrition must be addressed. In the earlier half of the 
PSID, 2–3% of the sample was lost per year due to 
attrition (Falaris & Peters, 1998). Attrition could have 
occurred due to mortality. Additionally, if non-sample 
members left the household, they were no longer 
followed beyond that point in time; this means that 
relationship dissolution could have led to survey 
follow-up loss. More generally, an ended relationship 
could mean that survey participants were lost even if 
they were gened participants, because they moved 
and could not be located or they refused continued 
participation. Between 1968 and 1996, 5–13% of PSID 
fathers became non-resident, depending on the 
decade (Gupta, Smock & Manning, 2004). If attrition 
is selective – which evidence suggests it is, based on 
education, income, and health (Fitzgerald, 2011; 
Hofferth, 2006; Schoeni & Wiemers, 2015) – then this 
could lead to systematic variation and bias results. 
Because I removed respondents for whom data on 
disruptive events was missing, those respondents 
who did not have this event data for fathers were 
removed from the sample. Thus, because some of the 
less stable families could ultimately be missing from 
the sample, and these might be the families showing 
stronger effects of disruption, it is possible that 
results were slightly underestimated. However, 

Fitzgerald (2011) finds no evidence of the impact of 
attrition on outcomes in intergenerational models. 

Methods 
To code events, I created dichotomous variables. 

Prior to 1996, every year was included; post-1996, 
data were available for every other year. For the 
“employment to no employment” variable, I looked 
at employment in two adjacent years to see if there 
was a change from employed to not employed; if this 
was the case, the “employment to no employment” 
variable was coded as 1 rather than 0. Those who did 
not experience the event for any reason (including 
possibly being already not employed) are coded as 
zero. This comparison group is intentionally left to be 
general and inclusive, in order to allow for 
aggregation over the years included, to emphasise 
the “event-ness” rather than the specific nature of 
the particular change, and to include all respondents 
in the possible selection group when events are 
combined. (If one year’s variable relevant to the 
event variable was missing, the event variable itself 
was coded as missing for that individual.) The other 
events were coded in a similar way. Thus, the events 
variables were coded as ever having experienced the 
event, with the boundaries being the time of the 
survey (1968–2011) and the child’s age (1–17 years 
old). 

I remained agnostic as to the underlying reasons 
for the responses (e.g. employed) and thus was 
looking at people whose employment or marital 
statuses changed for any reason, so long as I could 
view a change across years. (I did not capture those 
people who switched jobs in the middle of a year, for 
example – i.e. those people would lose and gain a job 
within the same two-year period considered.) Again, 
given the switch to biannual data collection post-
1997, I considered events and event combinations 
across every two years rather than annually; this 
means that pre-1997 data was condensed to two-
year intervals. In doing this, I found that event 
occurrences were balanced across two-year time 
spans, indicating that data collection efforts post-
1997 reflected coverage of two years rather than one 
year. 

To code events combinations, I created a variable 
for two events occurring in the same two years. I did 
not analyse the reasons or ordering for combinations 
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but rather looked to see if events occurred within the 
same two years. Occurring within such close time 
proximity meant children were exposed to more than 
one event within a short time frame, and the impact 
of that combination was of interest. It was possible 
that one event prompted another event, although 
their close proximity in time could also be 
coincidental; I could not determine which event 
occurred first when they occurred in the same survey 
year (where survey years are every two years) nor the 
exact reasons for their time proximity. Regardless of 
reason or order of coincidence, the fact remains that 
parents, and hence their children, were subject to the 
effects of both events within the same two-year time 
period. I defined this as a set of combined disruptive 
events. 

I limited my sample to children who were at least 
19 years old by the latest survey date (in 2011). I also 
looked only at parental events that occurred when 
their surveyed child was between 1 and 17 years old; 
events that occurred prior to that child’s birth and 
once the child was at least 18 years old were not 
included in my analysis. There is a chance that some 
children were also parents with surveyed children in 
the sample; I did not exclude these cases. (These 
cases could be examined as a separate study in future 
work, though sample sizes would likely be quite 
limited, even using data from a study as large as the 
PSID.) There was some censoring of children who 
were born prior to 1968; they were included in the 
analysis (unless they turned 18 prior to 1968), 
although I only observed events that occurred in the 
years of their childhood that were included in the 
survey. Approximately 32% of children included in the 
survey were born prior to 1968, and thus, their 
childhood years are somewhat truncated. This means 
that my sample of children was slightly skewed 
toward older child ages as compared to a sample in 
which all childhood years would be included for all 
children; ages ranged from 19 to 61 years old in 2011 
for the final sample. For children born prior to 1968, 
variables coded as a status at birth (e.g. mother’s 
marital status) used this status in 1969 instead. 
(Variables in 1969 had fewer missing cases than 1968. 
For the non-missing cases, there was little difference 
between values in 1968 and 1969, so I opted to use 
the variables with fewer missing cases.) 

I used linear regression models to see which 
covariates significantly predicted incidences of 
disruptive events in mothers’ and fathers’ lives. 
(These models were also run as logistic regression 
models and as Poisson models, and I found no 
differences in effects in terms of which covariates 
significantly affect the events examined. Thus, I used 
linear regression models for simplicity.) Linear 
regression models took the form of: 

 

 

y = β0 + β1 * x1 + β2 * x2 + ...+ βn * xn   
 
where y was the probability of the disruptive event, 

 

xn  was the set of covariates being examined in this 
model, 

 

β0  was the constant, and the other 

 

βn ’s 
signified the set of coefficients for each variable. I 
examined the 

 

βn  coefficients to see which covariates 
significantly predicted events. 

I used logistic regression models to estimate 
effects of parental events on child educational 
outcomes. Logistic models took the form of: 

 

log(
p

1− p
) = β0 + β1 * x1 + β2 * x2 + ...+ βn * xn

     
where p was the probability of reaching an 
educational milestone (completing high school by age 
19, attending college by age 21, or completing college 
by age 25), 

 

xn  was the set of covariates being 
examined in this model, 

 

β0  was the constant, and the 
other 

 

βn ’s signified the set of coefficients for each 
variable. Each educational outcome was a separate 
model; each event was considered in a separate 
model as well. I analysed mothers’ and fathers’ 
events in separate models to be able to examine 
potential differences in parental influence. Covariates 
for all models included the child’s sex and race, 
whether the child was born in the U.S. South, 
mother’s and father’s high school completion, 
mother’s and father’s college completion; I also 
included covariates signifying if the mother or father 
was married when their child was born, and 
covariates signifying if the mother or father worked in 
manufacturing when their child was born. Earlier 
models included a control variable for parental age at 
child’s birth; this variable was not significant and did 
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not change the results at all, and was therefore 
removed to maintain simpler models. 

Descriptive statistics are shown in table 1 for 
events for parents. Children did appear to have lower 
educational attainment, on average, when one of 
their parents experienced an event. Educational 
attainment for both mothers and fathers was also 
lower among those who experienced events, as was 
the chance of being married when the child was born. 
Working in manufacturing did not show a pattern, 
though there were, on average, differences within 
each event. Descriptive statistics for mothers and 
fathers, shown in summary form in table 2 and in full 
in appendices A and B, showed similar patterns 
except for an important distinction: high school 
completion for children was largely the same whether 
or not mothers experienced disruptive employment 
events, whereas when fathers experienced 
employment events, the chance of any of the 
children’s educational outcomes was lower, as might 
be expected. Whereas the presence of partnership 
change events meant a lower chance of any 
educational outcomes, moving actually led to slightly 
higher means of children’s high school completion 
and college attendance, though lower means of 
college completion; these patterns held true for both 
mothers’ and fathers’ events. Education also 
appeared protective for fathers only: higher 
educational attainment was protective against 
experiencing events, whereas higher educational 
attainment did not afford mothers the same 
protection. Because of these interesting differences, I 
looked at mothers and fathers separately again in 
other analyses to see what this may have meant for 
children. 

Finally, in other work I showed that both the age 
of children and the time placement of the event(s) in 
calendar years could affect outcomes (Simon Thomas, 
n.d.) In this manuscript, however, I was interested in 
the overall effects; breaking down the analysis by 
these two factors is addressed in additional work. 

 

 

Results 
Analysis of events 

I first focused on exploratory analyses to 
overcome the lack of coverage in the literature on 
how these life events might combine. These initial 
analyses involved determining how often events 
occurred and then how often events occurred in close 
temporal proximity. To start, I looked at the 
frequency of event occurrence in respondents’ lives. 
Disruptive event occurrence, generally, was not rare. 
As shown in table 3, the frequency of respondents 
experiencing single events for parents was 34% and 
33% for employment loss and gain, respectively, and 
28% and 24% for partner loss and gain, respectively. 
Over 70% of respondents experienced a residential 
move of some kind during the time period 
considered. Single events for mothers and fathers 
alone were only slightly less in number. With a 
sample size of 11,382, this gave a more than 
adequate number of event occurrences for analysis; it 
also made it likely that respondents would experience 
more than one event during their children’s 
childhood years, particularly in combination with 
residential moves, given their frequency. 

Indeed, between 15% and 21% of respondents 
experienced employment and marital events 
combined with residential moves in the same two-
year period at some point during their childhood. For 
mothers and fathers, between 9% and 19% 
experienced these event combinations. Employment 
events combined with marital events in the same 
time period were less frequent, at 4–5% for parents 
and 2–3% for mothers and fathers. This shows that 
event combinations were not uncommon; many 
families experienced two events in close temporal 
proximity. 

Next, I investigated demographic characteristics 
that might impact the likelihood of experiencing a 
disruptive event. Initial linear regression models 
revealed the covariates that had significant bearing 
on disruptive event occurrence; results for parents 
and children are shown in table 4. Non-white parents 
were more likely to experience all events. Children 
born earlier in the sample were less likely to have
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Table 1: Descriptive Statistics (events for parents) 

  All children 
Employment loss Employment gain Partner loss Partner gain Moved 

  
Yes No Yes No Yes No Yes No Yes No 

  

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Child variables 
           

 
High school completion 0.484 0.477 0.487 0.476 0.488 0.460 0.493 0.466 0.489 0.507 0.429 

 
   by age 19 (0.500) (0.500) (0.500) (0.499) (0.500) (0.498) (0.500) (0.499) (0.500) (0.500) (0.495) 

 
College attendance 0.259 0.239 0.269 0.240 0.268 0.214 0.277 0.215 0.272 0.270 0.233 

 
   by age 21 (0.438) (0.427) (0.443) (0.427) (0.443) (0.410) (0.447) (0.411) (0.445) (0.444) (0.423) 

 
College completion 0.130 0.095 0.148 0.098 0.146 0.079 0.150 0.078 0.146 0.121 0.152 

 
   by age 25 (0.336) (0.293) (0.355) (0.298) (0.353) (0.270) (0.357) (0.268) (0.353) (0.326) (0.359) 

 
Male (0/1) 0.512 0.516 0.510 0.515 0.511 0.510 0.513 0.517 0.510 0.514 0.506 

  
(0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) 

 
Black (0/1) 0.331 0.415 0.287 0.421 0.287 0.440 0.287 0.458 0.291 0.359 0.262 

  
(0.471) (0.493) (0.453) (0.494) (0.452) (0.496) (0.453) (0.498) (0.454) (0.480) (0.440) 

 
Other race (0/1) 0.083 0.086 0.081 0.092 0.079 0.095 0.078 0.098 0.078 0.086 0.075 

  
(0.276) (0.281) (0.273) (0.289) (0.269) (0.294) (0.268) (0.297) (0.269) (0.281) (0.263) 

 
Age in 2011 36.090 31.779 38.316 31.236 38.461 32.173 37.629 31.645 37.462 33.898 41.420 

  
(11.755) (8.585) (12.527) (8.358) (12.427) (9.594) (12.163) (8.856) (12.192) (10.178) (13.498) 

 
Born in South 0.389 0.418 0.375 0.425 0.372 0.464 0.360 0.461 0.367 0.421 0.312 

  
(0.488) (0.493) (0.484) (0.494) (0.483) (0.499) (0.480) (0.499) (0.482) (0.494) (0.463) 

Mother variables 
           

 
High school completion 0.170 0.187 0.161 0.186 0.162 0.166 0.175 0.178 0.167 0.177 0.153 

  
(0.375) (0.390) (0.367) (0.389) (0.368) (0.363) (0.380) (0.383) (0.373) (0.381) (0.360) 

 
Some college 0.104 0.132 0.089 0.140 0.085 0.128 0.094 0.135 0.094 0.120 0.064 

  
(0.305) (0.338) (0.285) (0.348) (0.280) (0.334) (0.292) (0.342) (0.291) (0.325) (0.244) 

 
College completion 0.092 0.079 0.099 0.086 0.095 0.063 0.104 0.066 0.100 0.103 0.067 

  
(0.290) (0.270) (0.299) (0.280) (0.294) (0.242) (0.305) (0.249) (0.300) (0.303) (0.251) 

 
Married @ child born 0.918 0.869 0.945 0.864 0.946 0.837 0.953 0.716 0.987 0.894 0.986 

  
(0.274) (0.338) (0.228) (0.343) (0.226) (0.369) (0.213) (0.451) (0.112) (0.308) (0.118) 

 
Work in manufacturing 0.043 0.041 0.044 0.041 0.044 0.037 0.046 0.034 0.046 0.040 0.052 
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   @ child born (0.203) (0.200) (0.205) (0.199) (0.205) (0.188) (0.209) (0.181) (0.209) (0.195) (0.222) 

Table 1: Continued. 
            
Father variables 

           
 

High school completion 0.125 0.154 0.111 0.156 0.111 0.113 0.130 0.139 0.121 0.135 0.102 

  
(0.331) (0.361) (0.314) (0.363) (0.314) (0.317) (0.337) (0.346) (0.326) (0.342) (0.303) 

 
Some college 0.071 0.073 0.069 0.078 0.067 0.066 0.073 0.082 0.067 0.078 0.053 

  
(0.257) (0.261) (0.254) (0.268) (0.251) (0.249) (0.259) (0.274) (0.251) (0.269) (0.223) 

 
College completion 0.099 0.071 0.114 0.077 0.110 0.057 0.116 0.061 0.111 0.111 0.070 

  
(0.299) (0.257) (0.318) (0.266) (0.314) (0.232) (0.320) (0.239) (0.314) (0.314) (0.256) 

 
Married @ child born 0.919 0.870 0.946 0.866 0.947 0.841 0.953 0.719 0.988 0.896 0.987 

  
(0.272) (0.336) (0.225) (0.341) (0.223) (0.366) (0.211) (0.449) (0.109) (0.306) (0.114) 

 
Work in manufacturing 0.157 0.126 0.173 0.119 0.176 0.126 0.169 0.099 0.175 0.131 0.220 

 
   @ child born (0.364) (0.332) (0.378) (0.324) (0.381) (0.332) (0.375) (0.299) (0.380) (0.337) (0.415) 

             
 

N 11,382 3,876 7,506 3,736 7,646 3,211 8,171 2,685 8,697 8,065 3,317 
Note: Children who were at least 19 years old in 2011 were included in the sample. 
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Table 2: Summary Descriptive Statistics (events for mothers and fathers, separately) 

  Employment loss Employment gain Partner loss Partner gain Moved 

  
Yes No Yes No Yes No Yes No Yes No 

  

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mother’s events           
Child variables 

          
 

High school completion 0.489 0.483 0.488 0.483 0.460 0.493 0.458 0.490 0.507 0.432 

 
   by age 19 (0.500) (0.500) (0.500) (0.500) (0.498) (0.500) (0.498) (0.500) (0.500) (0.495) 

 
           

Mother variables 
          

 
High school completion 0.188 0.165 0.185 0.165 0.156 0.175 0.199 0.162 0.178 0.150 

  
(0.391) (0.371) (0.389) (0.372) (0.363) (0.380) (0.399) (0.369) (0.382) (0.357) 

 
Some college 0.138 0.094 0.154 0.090 0.129 0.094 0.142 0.094 0.120 0.065 

  
(0.345) (0.292) (0.361) (0.287) (0.335) (0.292) (0.349) (0.292) (0.325) (0.246) 

 
College completion 0.085 0.094 0.096 0.091 0.062 0.104 0.071 0.098 0.103 0.068 

  
(0.280) (0.292) (0.295) (0.288) (0.242) (0.305) (0.257) (0.297) (0.304) (0.246) 

 
Married @ child born 0.864 0.934 0.858 0.935 0.838 0.951 0.674 0.984 0.894 0.983 

  
(0.343) (0.248) (0.349) (0.247) (0.369) (0.215) (0.469) (0.125) (0.308) (0.128) 

 
Work in manufacturing 0.053 0.040 0.050 0.041 0.037 0.045 0.038 0.044 0.039 0.051 

 
   @ child born (0.225) (0.197) (0.218) (0.199) (0.190) (0.208) (0.191) (0.206) (0.195) (0.221) 

            N 2,420 8,962 2,357 9,025 3,153 8,229 2,241 9,141 7,935 3,447 
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Table 2: Continued. 
           
Father’s events           
Child variables 

          
 

High school completion 0.470 0.488 0.470 0.488 0.460 0.493 0.453 0.491 0.505 0.105 

 
   by age 19 (0.499) (0.500) (0.499) (0.500) (0.498) (0.500) (0.498) (0.500) (0.500) (0.306) 

 
           

Father variables 
          High school completion 0.166 0.113 0.177 0.111 0.112 0.131 0.154 0.118 0.136 0.102 

 
(0.372) (0.317) (0.382) (0.314) (0.315) (0.337) (0.361) (0.323) (0.342) (0.303) 

Some college 0.064 0.073 0.065 0.072 0.067 0.072 0.096 0.065 0.079 0.052 

 
(0.245) (0.260) (0.247) (0.259) (0.250) (0.259) (0.295) (0.246) (0.270) (0.222) 

College completion 0.052 0.114 0.056 0.111 0.058 0.115 0.065 0.107 0.112 0.070 

 
(0.222) (0.317) (0.230) (0.315) (0.233) (0.319) (0.247) (0.310) (0.315) (0.256) 

Married @ child born 0.867 0.936 0.860 0.937 0.841 0.952 0.674 0.985 0.897 0.980 

 
(0.340) (0.244) (0.347) (0.242) (0.365) (0.214) (0.469) (0.121) (0.304) (0.141) 

Work in manufacturing 0.149 0.160 0.143 0.161 0.125 0.169 0.095 0.171 0.131 0.216 
   @ child born (0.356) (0.366) (0.350) (0.367) (0.331) (0.375) (0.294) (0.377) (0.337) (0.412) 

           N 2,645 8,737 2,497 8,885 3,137 8,245 2,213 9,169 7,913 3,469 
Note: Children who were at least 19 years old in 2011 were included in the sample. 
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Table 3: Prevalence of events (parents/mothers/fathers) 

  

Either/Both 
Parents Mother Father 

Single events 
   

 
Lost employment 34.05% 21.26% 23.24% 

 
Gained employment 32.82% 20.71% 21.94% 

 
Lost partner 28.21% 27.70% 27.56% 

 
Gained partner 23.59% 19.69% 19.44% 

 
Moved 70.86% 69.72% 69.52% 

     Event combinations 
   

 
Lost employment + Moved 16.89% 9.59% 11.09% 

 
Gained employment + Moved 15.85% 9.01% 10.34% 

 
Lost partner + Moved 21.26% 17.98% 18.83% 

 
Gained partner + Moved 18.49% 14.58% 14.63% 

 
Gained employment + Gained partner 4.31% 2.13% 2.50% 

 
Gained employment + Lost partner 3.98% 2.06% 2.49% 

 
Lost employment + Lost partner 5.17% 2.46% 3.29% 

 
Lost employment + Gained partner 3.81% 1.70% 2.25% 

     Notes: Variables only included events that occurred when child was 1–17 
years old. Children who were at least 19 years old in 2011 were included in 
the sample. (N=11,382) 
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Table 4: Regression results, covariates on events 

  
Employment 

loss 
Employment 

gain Partner loss Partner gain Moved 

Child variables 
          

 
Male (0/1) 0.003 

 
0.004  -0.001  0.004  0.004  

 
Black (0/1) 0.107 *** 0.103 *** 0.080 *** 0.036 *** 0.053 *** 

 
Other race (0/1) 0.047 ** 0.066 *** 0.062 *** 0.065 *** 0.084 *** 

 
Age in 2011 -0.013 *** -0.014 *** -0.011 *** -0.008 *** -0.013 *** 

 
Born in South -0.031 ** -0.022 * 0.011  0.003  0.030 ** 

            Mother variables 
          

 
High school completion 0.034 * 0.031 * -0.026 * -0.008  0.006  

 
Some college 0.048 ** 0.067 *** 0.026 † 0.016  0.028 * 

 
College completion -0.035 † -0.018  -0.087 *** -0.067 *** -0.018  

 
Married @ child born 0.073 

 
-0.033  -0.425 ** -0.374 ** -0.252 * 

 
Work in manu. @ child born 0.051 * 0.060 ** -0.014  -0.013  0.014  

            Father variables 
          

 
High school completion -0.021 

 
-0.012  -0.118 *** -0.046 *** -0.021  

 
Some college -0.072 *** -0.061 ** -0.097 *** -0.016  0.016  

 
College completion -0.133 *** -0.123 *** -0.153 *** -0.092 *** 0.051 ** 

 
Married @ child born -0.187 

 
-0.088  0.208  -0.243 * 0.113  

 
Work in manu. @ child born 0.029 * 0.022 † 0.023 † -0.009  -0.041 *** 

            
 

Constant 0.933 *** 0.945 *** 0.916 *** 1.146 *** 1.322 *** 

 
F-test  100.37 115.13 100.37 213.7 131.59 

 
P > χ2 0.000 0.000 0.000 0.000 0.000 

 
Adjusted R2 0.132 0.147 0.132 0.243 0.165 

 
n 9,936 

            Notes: Variables only included events that occurred when child was 1–17 years old. Children who were at least 
19 years old in 2011 were included in the sample. Results are log-odds. 
† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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parents who experienced events; this result 
underscores growth trends in employment and 
marital instability over time. Respondents born in the 
South were slightly less likely to have parents who 
experienced employment events and slightly more 
likely to experience residential moves during 
childhood. Running separate models for mothers’ and 
fathers’ events (results available upon request) 
indicated that higher levels of parental educational 
attainment appeared protective against employment 
and marital events for both fathers and mothers, 
whereas completing college increased the odds of 
experiencing a residential move. Working in 
manufacturing increased the chances of experiencing 
an employment or marital disruption for both 
mothers and fathers; evidence was mixed on its effect 
on marital change. Fathers who worked in 
manufacturing had a lower chance of residential 
moves. Though none of these results were surprising, 
it was important to consider these factors as a 
backdrop when thinking about children’s educational 
outcomes. Accordingly, subsequent analyses of 
disruptive events controlled for covariates such as 
child’s race, child’s age in 2011, child born in the 
South, mother’s and father’s education, mother’s and 
father’s marital status at child’s birth, and mother’s 
and father’s job in manufacturing. 

Analysis of events, event combinations and 
child outcomes 

The next step was to investigate how single events 
were related to child outcomes. Log-odds outcomes 
of logistic regression models testing the effects of 
parental disruptive events on children’s educational 
outcomes are shown in table 5. Single events did not 
have much impact on children’s chances of high 
school completion, except for losing a partner, before 
parents’ covariates were added to the model. 
However, all events led to lowered odds of college 
attendance and completion with the exception of the 
effect of moving on college attendance, which was 
null when controlled for child and parent 
characteristics. Appendices C and D break out these 
results for mother and father events, instead of a 
combined parental event variable. An interesting 
difference to note here is that employment events for 
mothers did not appear to significantly affect the 
odds of any educational outcome for children once 

child, mother, and father factors are controlled, with 
the exception of a slight negative effect of 
employment gain on college attendance, whereas 
employment events for fathers showed significant 
negative effects on child college attendance and 
completion. 

Combining events within a short timeframe led to 
worse educational outcomes. Almost all event 
combinations led to lowered chances of high school 
completion, college attendance and college 
completion; for parents’ events, the exceptions were 
losing or gaining a partner with moving (and high 
school completion) and gaining employment with 
losing a partner (and college completion), for which 
results were insignificant. Notable again here is that 
event combinations with employment events led to 
worse outcomes when events occurred for fathers 
rather than mothers (see appendices C and D).  

In all cases, experiencing two events in the same 
two-year period was worse than experiencing one 
event. However, the degree of impact did not appear 
to fit the additive hypothesis. It is important to note 
that among those who experienced a single event 
could be those who experienced any number of 
events; among those who did not experience two 
events were those who experienced one event or 
perhaps the same two events but not within the same 
time period. In other words, comparison groups may 
not have been mutually exclusive, so comparing 
outcomes for single versus combined events was a 
complex undertaking.  

Analysis of events, event counts and child 
outcomes 

To look more simply at the number of events 
experienced and the interaction of their impacts in 
relation to the additive, amplification, and cumulation 
hypotheses, I created a variable for count of events, 
in which occurrences of all five events during 
childhood years were added together to create a 
simple index of instability. Few respondents 
experienced more than 20 events, therefore any 
count above 20 was coded as 20 events. Table 6 
shows that events were largely detrimental to 
children’s educational outcomes. For high school 
completion and college attendance, a model including 
a squared term for event counts was the best fit; 
once the event count surpassed three events, effects 
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Table 5: Effects of single and combined events on children's educational outcomes, events for parents 

  

Completed high school 
by age 19 

Attended college 
by age 21 

College completion 
by age 25 

  

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

Single events 
            

 
Lost employment 0.042 

 
0.052 

 
-0.200 *** -0.145 ** -0.324 *** -0.149 * 

 
Gained employment 0.044 

 
0.006 

 
-0.199 *** -0.193 ** -0.243 *** -0.118 

 
 

Lost partner -0.104 * 0.031 
 

-0.399 *** -0.203 *** -0.565 *** -0.256 ** 

 
Gained partner -0.056 

 
0.016 

 
-0.370 *** -0.247 *** -0.530 *** -0.289 ** 

 
Moved 0.445 *** 0.445 *** 0.176 ** 0.097 

 
-0.071 

 
-0.251 ** 

              Event combinations 
            

 
Lost employment + Moved -0.254 *** -0.266 *** -0.370 *** -0.302 *** -0.539 *** -0.364 *** 

 
Gained employment + Moved -0.204 *** -0.216 *** -0.464 *** -0.434 *** -0.551 *** -0.421 *** 

 
Lost partner + Moved -0.141 ** -0.061 

 
-0.430 *** -0.294 *** -0.605 *** -0.364 *** 

 
Gained partner + Moved -0.071 

 
-0.001 

 
-0.383 *** -0.272 *** -0.490 *** -0.274 ** 

 
Gained employment + Gained partner -0.274 ** -0.186 † -0.423 *** -0.229 † -0.839 *** -0.485 * 

 
Gained employment + Lost partner -0.276 ** -0.224 * -0.706 *** -0.534 *** -0.474 * -0.089 

 
 

Lost employment + Lost partner -0.487 *** -0.392 *** -0.780 *** -0.585 *** -0.715 *** -0.375 * 

 
Lost employment + Gained partner -0.304 ** -0.239 * -0.443 *** -0.226 † -0.774 *** -0.394 † 

              Notes: Each coefficient represents a separate model; coefficients are reported as log-odds. Only events that occurred when the child was 
between 1 and 17 years old were included. Children must be at least 19 years old by 2011 to be included in the sample (N=11,382). For 
event combinations, the order of events was unknown, and the two events occurred within the same two-year period. All models included 
controls for child's sex, child's race, child's age in 2011, child born in the South, mother's and father's education, mother's and father's 
marital status at child's birth, and mother's and father's job in manufacturing. 
† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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Table 6: Effects of event count on children's educational outcomes 

  
High school completion 

by age 19 
College attendance 

by age 21 
College completion 

by age 25 

  
Model 1 Model 2 Model 1  Model 2 Model 1 Model 2 

Count of events 0.010 † 0.137 *** -0.034 *** 0.033 † -0.055 *** -0.027 
 Count of events2 

  
-0.009 *** 

  
-0.005 *** 

  
-0.002 

               Child variables 
            

 
Male (0/1) -0.162 *** -0.162 *** -0.343 *** -0.344 *** -0.434 *** -0.434 *** 

 
Black (0/1) -0.051 

 
-0.063 

 
-0.019 

 
-0.023 

 
-0.418 *** -0.419 *** 

 
Other race (0/1) -0.023 

 
-0.032 

 
0.103 

 
0.099 

 
-0.250 † -0.253 † 

 
Age in 2011 0.018 *** 0.023 *** 0.000 

 
0.002 

 
0.032 *** 0.033 *** 

 
Born in South -0.029 

 
-0.051 

 
-0.224 *** -0.236 *** -0.108 

 
-0.113 

               Mother variables 
            

 
High school completion only 0.826 *** 0.841 *** 0.661 *** 0.665 *** 0.488 *** 0.488 *** 

 
Some college 1.107 *** 1.124 *** 1.213 *** 1.218 *** 1.061 *** 1.061 *** 

 
College completion 0.986 *** 1.003 *** 1.320 *** 1.325 *** 1.596 *** 1.597 *** 

 
Married @ child born 1.250 † 1.418 * 1.116 

 
1.175 

 
1.242 

 
1.265 

 
 

Work in manufacturing @ child born 0.458 *** 0.456 *** 0.175 
 

0.172 
 

-0.008 
 

-0.010 
               Father variables 

            
 

High school completion only 0.612 *** 0.619 *** 0.310 *** 0.310 *** 0.262 * 0.261 * 

 
Some college 0.717 *** 0.695 ** 0.722 *** 0.711 *** 0.782 *** 0.778 *** 

 
College completion 0.795 *** 0.781 *** 0.815 *** 0.803 *** 1.266 *** 1.260 *** 

 
Married @ child born -1.014 

 
-1.174 † -0.822 

 
-0.879 

 
-1.006 

 
-1.026 

 
 

Work in manufacturing @ child born 0.231 *** 0.242 *** -0.123 † -0.118 † -0.106 
 

-0.104 
 

 
Constant -1.404 *** -1.808 *** -1.517 *** -1.705 *** -3.497 *** -3.567 *** 

 
LR  χ2 1105.49 1183.09 1226.41 1241.99 1278.43 1279.79 

 
P > χ2 0.000 0.000 0.000 0.000 0.000 0.000 

 
Pseudo R2 0.080 0.086 0.105 0.107 0.158 0.158 

 
n 9,936 

† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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were increasingly negative. For college completion, 
the squared term was unnecessary and insignificant, 
and rather any number of events had a negative 
effect on child outcomes, with each additional event 
decreasing the odds of completing college. Though 
this was an admittedly general way of approaching 
the question of instability, it did illustrate that these 
events functioned disruptively in terms of their 
effects on children. It also underscored the finding 
that experiencing a larger number of events was 
worse than experiencing a single event. 

Managing overlapping event experiences 
One complication when comparing outcomes 

between single and combined events was that the 
comparison groups overlap. In other words, those 
who experienced a single event in one two-year 
period may also have experienced additional events 
in a different time; also, those who did not experience 
a combination of events could either have 
experienced no events or a single event. To test the 
outcomes for mutually exclusive categories, it was 
necessary to look within each two-year period 
separately and to analyse mothers’ and fathers’ 
events separately as well. A categorical variable was 
created with the categories being no events 
(reference indicator), both events A and B both 
occurred, only event A occurred, and only event B 
occurred. I limited this analysis to event combinations 
including a residential move, as these categories had 
large enough samples within each category to use 
biannual categorical indicators. Then, the average 
outcome across all years could be examined to see if 
event combinations generally led to worse outcomes. 

Table 7 shows results from models using these 
categorical variables. Since these were biannual 
variables, the results were an average across all years. 
Models included year fixed effects. For all 
combinations, experiencing both events significantly 
negatively affected educational outcomes; with the 
slight exception of gaining a partner and moving for 
fathers, in all other cases the combination of events 
was a lot worse for children compared to single 
events. It was clear from the results that, on average, 
event combinations led to worse log-odds of attaining 
the outcome compared to single events. This 
mirrored earlier findings; having mutually exclusive 
comparison groups did not alter these conclusions. 

Discussion 
I conducted this analysis by investigating if and to 

what extent parental disruptions are associated with 
negative impacts on children’s educational 
attainment. I began by asking the question: How 
often are events found in combination with one 
another? Combinations of disruptive events were 
surprisingly frequent, particularly when considering 
the proportion of parents who experienced additional 
events given that they already experienced one 
disruptive event. This meant that looking at the 
impacts of just one event may have masked 
additional negative associations or incorrectly 
assigned negative impacts to one disruptive event 
rather than another. I also asked: Which combinations 
are most common (i.e. which events are often 
experienced in the same family within a short time 
frame? It was clearly most common to combine a 
residential move with either an employment or a 
partnership change. Relationship and employment 
status changes did not combine as often. 

I next asked the question: Do certain event 
combinations lead to lower educational outcomes for 
children than others? It was difficult to compare 
across sets of events, and combinations of events 
seemed generally within the same range of effect 
size. Combinations clearly mattered, however, and 
across model specifications, parents’ experience of 
two contemporaneous events led to a lower 
probability of their children attaining all considered 
educational outcomes compared to parents’ 
experience of single events. 

Do any of these combinations of events lead to 
positive educational outcomes for children? The 
educational outcomes following disruptive events 
were overwhelmingly negative, if not insignificant. 
Combinations of events were negative for all 
outcomes as well, whereas single events had little 
effect on high school completion. 

Is a higher count of events worse (in terms of 
children’s educational outcomes) than a lower count? 
My results showed that this was indeed the case. 
Each disruptive event came at an incrementally 
negative cost to children’s educational attainment 
when events occurred in combination generally 
across childhood. A caveat on this finding was that 
the number of events parents experienced while their  
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Table 7: Effects of single and combined events on children's educational attainment 

 

High school completion 
by age 19 

College attendance 
by age 21 

College completion 
by age 25 

 
Mothers Fathers Mothers Fathers Mothers Fathers 

Employment lost & Move -0.289 *** -0.304 *** -0.320 *** -0.287 *** -0.581 *** -0.616 *** 
Move 0.185 *** 0.105 *** 0.017 

 
0.004 

 
-0.248 *** -0.214 *** 

Employment lost 0.162 ** 0.119 * 0.008 
 

-0.059 
 

-0.066 
 

-0.251 ** 
             Employment gain & Move -0.169 ** -0.324 *** -0.337 *** -0.349 *** -0.589 *** -0.551 *** 
Move 0.171 *** 0.104 *** 0.015 

 
0.006 

 
-0.250 *** -0.219 *** 

Employment gain 0.037  0.046 
 

-0.093 
 

-0.102 † -0.134 † -0.248 ** 
             Lost partner & Move -0.232 *** -0.168 *** -0.377 *** -0.299 *** -0.579 *** -0.552 *** 
Move 0.081 *** 0.065 *** -0.037 † -0.009 

 
-0.269 *** -0.230 ** 

Lost partner 0.265 *** 0.175 * 0.131 † 0.071 
 

-0.268 * -0.145 
              Gain partner & Move -0.118 * -0.145 ** -0.317 *** -0.272 *** -0.519 *** -0.422 *** 

Move 0.057 ** 0.053 ** -0.052 ** -0.022 
 

-0.280 *** -0.249 *** 
Gain partner -0.064  -0.017 

 
-0.146 

 
-0.136 

 
-0.490 ** -0.495 ** 

             Notes: Coefficients are reported as log-odds. Only events that occurred when the child was between 1 and 17 
years old were included. Children must be at least 19 years old by 2011 to be included in the sample (N=11,382). 
For event combinations, the order of events was unknown, and the two events occurred within the same two-year 
period. All models included controls for year, child's sex, child's race, child's age in 2011, child born in the South, 
mother's and father's education, mother's and father's marital status at child's birth, and mother's and father's job 
in manufacturing. 
† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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children were between the ages of 1 and 17 years 
varied between 0 and 20, though the models 
controlled for likely factors (race, education, married 
when child was born, etc.) to address relevant 
selection. While 50% of children had parents who 
experienced one or two events during their 
childhood, an additional 40% of children had parents 
who experienced between three and ten events 
during their childhood. So, though experiencing 15 or 
more events was less likely, the majority of the 
sample experienced a high count of disruptions. 

The data showed that experiencing multiple 
events was not rare across the life course. Therefore, 
the fact that additional events were associated with 
increasingly negative outcomes is worrying for 
children’s educational attainment. It also points to a 
potential group of increasingly disadvantaged 
families. There was no consistent additive pattern to 
support an additive hypothesis; however, the 
outcomes of combined events were consistently 
worse than single events, indicating that the 
amplification hypothesis provided a solid explanation. 
In other words, associations of single events could not 
be simply added together to provide the association 
for multiple events, but the outcome of two events 
combined was more strongly negative than the effect 
of one of those events alone. For example, residential 
moves were indeed associated with poorer 
educational outcomes. When a move in residence 
was combined with an event such as a parent’s 
divorce, the educational outcomes were worse than 
for the move by itself. These outcomes suggested 
that the effects of single events in fact overlap, in 
which some part of the association of a divorce 
looked at in isolation was actually the association of a 
divorce combined with a residential move, and vice 
versa. 

The cumulation hypothesis focused on the count 
of events more generally to see if effects tapered off. 
Looking at a count of all events found that, for high 
school completion and college attendance, effects 
were indeed non-linear. For college completion, a 
linear model was a better choice. Rather than 
associations tapering off, however, they worsened as 
the count increased. Even when including controls for 
child and parent characteristics, more instability 
owing to the increase in disruptive events led to 
worse educational outcomes for children. 

I offer several cautions on these findings. It is 
possible that events occurring the same year were 
not linked in a “cascade”; I had no way of determining 
reasons for events occurring within close timing of 
each other in the PSID. Future work should delve 
further into the reasons that these events might 
combine. Additionally, there were other disruptive 
events that could easily combine with the events on 
which these analyses focused (e.g. health-related 
events); those other disruptive events should be 
analysed in the future. 

When thinking about the consequences for policy 
specifically relating to families and children, it is 
important to remember how different the processes, 
decisions and costs of attaining a high school diploma 
are compared to college attendance and college 
graduation. High school is free and compulsory, 
whereas college can be quite expensive and is more 
choice-based. Therefore, the differences in effects on 
the probability of high school graduation as compared 
to college attendance and especially college 
completion were not surprising. Both single events 
and event combinations seemed to matter more for 
college outcomes compared to high school 
completion, with event combinations leading to an 
even lower probability of attaining college outcomes. 

There are several interesting immediate policy 
implications here. First, because disruptive events 
often combine, and because the experience of these 
combinations led to lower educational attainment 
(compared to the experience of single disruptive 
events), perhaps policies should first focus on 
stopping the cascade of disruptive events and then 
work on mending the consequences of events that 
have already occurred. Policies that allow people to 
remain living in their rented or mortgaged homes 
following a job loss are a great example of this sort of 
policy intervention. Second, there were some 
differences between mothers’ and fathers’ 
experiences of disruptive events, but largely the 
effects on children looked quite similar, and policies 
should address this. Third, residential moves and 
partner losses showed the largest effects on 
children’s educational attainment. Educational policy 
makers should be aware of the negative 
consequences that children face when they move.  
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Additionally, partner losses and gains figured heavily 
in college graduation, findings of which financial aid 

officers as well as academic mentors should be 
aware. 
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Endnotes 
1. I underscored the idea of disruption or shocks in children’s lives here rather than the notion of parents both 

working or single mothers working. Recent research shows that it is not the amount but rather the quality 
of time spent with children that affects their wellbeing (Hsin & Feife, 2014). 

2. DiPrete and McManus (2000) include changing jobs with the same employer, changing employers but 
keeping a similar job, and changing partners as events. I eliminated these events because I believe that the 
shock of those events was likely to be more nuanced and more complex to disentangle for the effects on 
children. Those authors also include entry into self-employment, which I eliminated from my analysis due to 
low sample size (1.59% for mothers and 1.33% for fathers across all survey years). 
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Appendix  
 
Appendix A: Full Descriptive Statistics (events for mothers) 

  Employment loss Employment gain Partner loss Partner gain Moved 

  
Yes No Yes No Yes No Yes No Yes No 

  

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Child variables 
          

 
High school completion 0.489 0.483 0.488 0.483 0.460 0.493 0.458 0.490 0.507 0.432 

 
   by age 19 (0.500) (0.500) (0.500) (0.500) (0.498) (0.500) (0.498) (0.500) (0.500) (0.495) 

 
College attendance 0.249 0.261 0.242 0.263 0.214 0.276 0.211 0.271 0.269 0.235 

 
   by age 21 (0.433) (0.439) (0.428) (0.440) (0.410) (0.447) (0.408) (0.444) (0.444) (0.424) 

 
College completion 0.104 0.137 0.106 0.136 0.079 0.150 0.071 0.144 0.121 0.152 

 
   by age 25 (0.300) (0.344) (0.307) (0.343) (0.270) (0.357) (0.257) (0.351) (0.326) (0.359) 

 
Male (0/1) 0.516 0.511 0.515 0.511 0.511 0.513 0.515 0.511 0.514 0.507 

  
(0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) 

 
Black (0/1) 0.439 0.302 0.438 0.303 0.442 0.287 0.492 0.290 0.359 0.267 

  
(0.496) (0.459) (0.496) (0.460) (0.497) (0.453) (0.500) (0.454) (0.480) (0.442) 

 
Other race (0/1) 0.078 0.084 0.091 0.081 0.095 0.078 0.104 0.078 0.086 0.075 

  
(0.268) (0.278) (0.287) (0.273) (0.294) (0.268) (0.305) (0.268) (0.281) (0.264) 

 
Age in 20111 32.487 37.063 31.852 37.197 32.208 37.577 31.341 37.254 33.842 41.263 

  
(9.262) (12.161) (9.102) (12.113) (9.593) (12.161) (8.794) (12.092) (10.127) (13.484) 

 
Born in South 0.437 0.376 0.449 0.374 0.465 0.360 0.468 0.370 0.422 0.314 

  
(0.496) (0.484) (0.497) (0.484) (0.499) (0.480) (0.499) (0.483) (0.494) (0.464) 

            Mother variables 
          

 
High school completion 0.188 0.165 0.185 0.165 0.156 0.175 0.199 0.162 0.178 0.150 

  
(0.391) (0.371) (0.389) (0.372) (0.363) (0.380) (0.399) (0.369) (0.382) (0.357) 

 
Some college 0.138 0.094 0.154 0.090 0.129 0.094 0.142 0.094 0.120 0.065 

  
(0.345) (0.292) (0.361) (0.287) (0.335) (0.292) (0.349) (0.292) (0.325) (0.246) 

 
College completion 0.085 0.094 0.096 0.091 0.062 0.104 0.071 0.098 0.103 0.068 

  
(0.280) (0.292) (0.295) (0.288) (0.242) (0.305) (0.257) (0.297) (0.304) (0.246) 
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 Appendix A: Continued           

 
Married @ child born 0.864 0.934 0.858 0.935 0.838 0.951 0.674 0.984 0.894 0.983 

  
(0.343) (0.248) (0.349) (0.247) (0.369) (0.215) (0.469) (0.125) (0.308) (0.128) 

 
Work in manufacturing 0.053 0.040 0.050 0.041 0.037 0.045 0.038 0.044 0.039 0.051 

 
   @ child born (0.225) (0.197) (0.218) (0.199) (0.190) (0.208) (0.191) (0.206) (0.195) (0.221) 

            Father variables 
          

 
High school completion 0.129 0.124 0.128 0.125 0.111 0.131 0.137 0.123 0.134 0.105 

  
(0.336) (0.330) (0.334) (0.331) (0.314) (0.337) (0.344) (0.328) (0.341) (0.306) 

 
Some college 0.074 0.070 0.081 0.068 0.064 0.073 0.070 0.071 0.079 0.052 

  
(0.263) (0.255) (0.273) (0.251) (0.246) (0.261) (0.254) (0.257) (0.270) (0.222) 

 
College completion 0.077 0.105 0.081 0.104 0.056 0.116 0.050 0.111 0.112 0.070 

  
(0.267) (0.307) (0.273) (0.305) (0.231) (0.320) (0.218) (0.315) (0.315) (0.256) 

 
Married @ child born 0.867 0.935 0.861 0.936 0.841 0.952 0.679 0.984 0.895 0.984 

  
(0.339) (0.247) (0.346) (0.245) (0.365) (0.214) (0.467) (0.124) (0.306) (0.127) 

 
Work in manufacturing 0.127 0.165 0.119 0.167 0.126 0.169 0.079 0.176 0.129 0.222 

 
   @ child born (0.333) (0.371) (0.324) (0.373) (0.332) (0.375) (0.270) (0.381) (0.335) (0.416) 

            
 

N 2,420 8,962 2,357 9,025 3,153 8,229 2,241 9,141 7,935 3,447 
            Note: Children who were at least 19 years old in 2011 were included in the sample. 
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Appendix B: Full Descriptive Statistics (events for fathers) 

  Employment loss Employment gain Partner loss Partner gain Moved 

  
Yes No Yes No Yes No Yes No Yes No 

  

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Mean 
(SD) 

Child variables 
          

 
High school completion 0.470 0.488 0.470 0.488 0.460 0.493 0.453 0.491 0.505 0.436 

 
   by age 19 (0.499) (0.500) (0.499) (0.500) (0.498) (0.500) (0.498) (0.500) (0.500) (0.496) 

 
College attendance 0.225 0.269 0.221 0.269 0.214 0.276 0.206 0.272 0.271 0.232 

 
   by age 21 (0.417) (0.444) (0.415) (0.444) (0.411) (0.447) (0.405) (0.445) (0.444) (0.422) 

 
College completion 0.079 0.146 0.084 0.143 0.079 0.149 0.077 0.143 0.122 0.148 

 
   by age 25 (0.270) (0.353) (0.278) (0.350) (0.270) (0.356) (0.266) (0.350) (0.328) (0.355) 

 
Male (0/1) 0.521 0.509 0.514 0.511 0.510 0.513 0.521 0.510 0.515 0.505 

  
(0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) (0.500) 

 
Black (0/1) 0.419 0.304 0.427 0.304 0.443 0.287 0.484 0.293 0.357 0.270 

  
(0.493) (0.460) (0.495) (0.460) (0.497) (0.453) (0.500) (0.455) (0.479) (0.444) 

 
Other race (0/1) 0.099 0.078 0.103 0.077 0.095 0.078 0.090 0.081 0.086 0.075 

  
(0.299) (0.268) (0.304) (0.267) (0.293) (0.269) (0.287) (0.273) (0.281) (0.263) 

 
Age in 2011 32.882 37.061 32.656 37.055 32.152 37.588 31.640 37.164 33.913 41.055 

  
(8.773) (12.356) (8.643) (12.320) (9.560) (12.159) (8.822) (12.117) (10.141) (13.540) 

 
Born in South 0.403 0.385 0.404 0.385 0.461 0.362 0.461 0.372 0.420 0.319 

  
(0.490) (0.487) (0.491) (0.487) (0.499) (0.481) (0.499) (0.483) (0.494) (0.466) 

Mother variables 
          

 
High school completion 0.190 0.163 0.193 0.163 0.156 0.175 0.170 0.169 0.176 0.154 

  
(0.392) (0.370) (0.394) (0.369) (0.363) (0.380) (0.375) (0.375) (0.381) (0.361) 

 
Some college 0.128 0.096 0.129 0.096 0.127 0.094 0.122 0.099 0.120 0.067 

  
(0.335) (0.295) (0.336) (0.295) (0.334) (0.292) (0.328) (0.299) (0.324) (0.250) 

 
College completion 0.053 0.104 0.052 0.104 0.063 0.104 0.059 0.100 0.104 0.067 

  
(0.225) (0.305) (0.222) (0.305) (0.242) (0.305) (0.236) (0.300) (0.305) (0.250) 

 
Married @ child born 0.866 0.935 0.860 0.935 0.838 0.951 0.673 0.983 0.895 0.978 

  
(0.341) (0.247) (0.346) (0.246) (0.368) (0.215) (0.469) (0.128) (0.306) (0.147) 

 
Work in manufacturing 0.041 0.044 0.042 0.043 0.037 0.045 0.027 0.047 0.039 0.052 

 
   @ child born (0.198) (0.205) (0.202) (0.204) (0.187) (0.208) (0.162) (0.212) (0.195) (0.221) 
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Appendix B: Continued 
           
Father variables 

          
 

High school completion 0.166 0.113 0.177 0.111 0.112 0.131 0.154 0.118 0.136 0.102 

  
(0.372) (0.317) (0.382) (0.314) (0.315) (0.337) (0.361) (0.323) (0.342) (0.303) 

 
Some college 0.064 0.073 0.065 0.072 0.067 0.072 0.096 0.065 0.079 0.052 

  
(0.245) (0.260) (0.247) (0.259) (0.250) (0.259) (0.295) (0.246) (0.270) (0.222) 

 
College completion 0.052 0.114 0.056 0.111 0.058 0.115 0.065 0.107 0.112 0.070 

  
(0.222) (0.317) (0.230) (0.315) (0.233) (0.319) (0.247) (0.310) (0.315) (0.256) 

 
Married @ child born 0.867 0.936 0.860 0.937 0.841 0.952 0.674 0.985 0.897 0.980 

  
(0.340) (0.244) (0.347) (0.242) (0.365) (0.214) (0.469) (0.121) (0.304) (0.141) 

 
Work in manufacturing 0.149 0.160 0.143 0.161 0.125 0.169 0.095 0.171 0.131 0.216 

 
   @ child born (0.356) (0.366) (0.350) (0.367) (0.331) (0.375) (0.294) (0.377) (0.337) (0.412) 

            
 

N 2,645 8,737 2,497 8,885 3,137 8,245 2,213 9,169 7,913 3,469 

            Note: Children who were at least 19 years old in 2011 were included from the sample. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



Simon Thomas                                                                                                                                                                              Dimensions of Family Disruption 
 

186 

 
Appendix C: Effects of single and combined events on children's educational outcomes, events for mothers 

  

Completed high school 
by age 19 

Attended college 
by age 21 

College completion 
by age 25 

  

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

Single events 
            

 
Lost employment 0.087 † 0.057 

 
-0.075 

 
-0.073 

 
-0.133 † -0.067 

 
 

Gained employment 0.101 * 0.033 
 

-0.120 * -0.181 ** -0.095 
 

-0.082 
 

 
Lost partner -0.106 * 0.030 

 
-0.388 *** -0.188 ** -0.556 *** -0.243 ** 

 
Gained partner -0.088 † -0.048 

 
-0.376 *** -0.287 *** -0.580 *** -0.336 ** 

 
Moved 0.432 *** 0.418 *** 0.161 ** 0.066 

 
-0.078 

 
-0.269 *** 

              Event combinations 
            

 
Lost employment + Moved -0.192 ** -0.228 ** -0.316 *** -0.305 *** -0.466 *** -0.370 ** 

 
Gained employment + Moved -0.068 

 
-0.130 † -0.296 *** -0.335 *** -0.427 *** -0.415 ** 

 
Lost partner + Moved -0.238 *** -0.155 ** -0.503 *** -0.365 *** -0.663 *** -0.378 *** 

 
Gained partner + Moved -0.127 * -0.086 

 
-0.402 *** -0.312 *** -0.566 *** -0.344 ** 

 
Gained employment + Gained partner -0.233 † -0.150 

 
-0.578 ** -0.406 * -1.027 ** -0.650 † 

 
Gained employment + Lost partner -0.309 * -0.348 * -0.650 *** -0.556 ** -0.324 

 
-0.003 

 
 

Lost employment + Lost partner -0.492 *** -0.407 ** -0.904 *** -0.725 *** -0.639 * -0.256 
 

 
Lost employment + Gained partner -0.361 * -0.261 

 
-0.283 

 
-0.090 

 
-0.912 ** -0.604 † 

              Notes: Each coefficient represents a separate model; coefficients are reported as log-odds. Only events that occurred when the child was 
between 1 and 17 years old were included. Children must be at least 19 years old by 2011 to be included in the sample (N=11,382). For 
event combinations, the order of events was unknown, and the two events occurred within the same two-year period. All models included 
controls for child's sex, child's race, child's age in 2011, child born in the South, mother's and father's education, mother's and father's 
marital status at child's birth, and mother's and father's job in manufacturing. 
† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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Appendix D: Effects of single and combined events on children's educational outcomes, events for fathers 

  

Completed high school 
by age 19 

Attended college 
by age 21 

College completion 
by age 25 

  

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

With child 
covariates  

With child, 
mother & 

father 
covariates 

Single events 
            

 
Lost employment -0.025 

 
0.021 

 
-0.263 *** -0.142 * -0.550 *** -0.288 ** 

 
Gained employment -0.032 

 
-0.010 

 
-0.296 *** -0.189 ** -0.448 *** -0.190 * 

 
Lost partner -0.100 * 0.042 

 
-0.388 *** -0.188 ** -0.552 *** -0.248 ** 

 
Gained partner -0.119 * -0.043 

 
-0.405 *** -0.280 *** -0.501 *** -0.273 ** 

 
Moved 0.400 *** 0.383 *** 0.186 *** 0.107 † -0.032 

 
-0.218 ** 

              Event combinations 
            

 
Lost employment + Moved -0.278 *** -0.236 ** -0.406 *** -0.260 ** -0.753 *** -0.511 *** 

 
Gained employment + Moved -0.284 *** -0.224 ** -0.421 *** -0.289 ** -0.657 *** -0.408 ** 

 
Lost partner + Moved -0.175 *** -0.094 † -0.460 *** -0.317 *** -0.620 *** -0.375 *** 

 
Gained partner + Moved -0.175 ** -0.077 

 
-0.437 *** -0.292 *** -0.486 *** -0.260 * 

 
Gained employment + Gained partner -0.350 ** -0.159 

 
-0.314 * 0.017 

 
-0.562 * -0.023 

 
 

Gained employment + Lost partner -0.187 
 

-0.074 
 

-0.799 *** -0.571 ** -0.447 † -0.050 
 

 
Lost employment + Lost partner -0.472 *** -0.364 ** -0.680 *** -0.477 ** -0.685 ** -0.378 

 
 

Lost employment + Gained partner -0.355 ** -0.249 † -0.582 ** -0.270 
 

-0.616 * -0.096 
               Notes: Each coefficient represents a separate model; coefficients are reported as log-odds. Only events that occurred when the child was 

between 1 and 17 years old were included. Children must be at least 19 years old by 2011 to be included in the sample (N=11,382). For 
event combinations, the order of events was unknown, and the two events occurred within the same two-year period. All models included 
controls for child's sex, child's race, child's age in 2011, child born in the South, mother's and father's education, mother's and father's 
marital status at child's birth, and mother's and father's job in manufacturing. 
† p<.10   * p <.05   ** p < .01   *** p < .001   (two-tailed tests) 
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